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Introduction

Consumers are attracted not only by the innate quality of a 
product or service but also by how it is depicted and 
described. Previous literature in marketing found that the 
product description language is an important determinant of 
consumer choice and sales. For instance, Pryzant et  al. 
(2017) investigated the relationship between sales and the 
narratives in product descriptions and demonstrated that the 
writing style and word usage could predict consumer pur-
chasing behavior. Specifically, they found that polite lan-
guage that invokes culture or authoritative sources has a 
positive effect on product sales. Despite this, there appears 
to be a lack of research in the hospitality literature into the 
language employed in service descriptions. To address this, 
this study explores the implications of the titles created by 
Airbnb hosts to describe property listings. Exploring the 
property titles is an intriguing concept, as they provide 
potential guests with essential details about the listed rooms 
and are widely considered the most successful way to 
advertise them on Airbnb (Koh et al., 2021). Therefore, this 
research focuses on the relationship between Airbnb prop-
erty room rates, rental volumes, and financial performance, 
and the language style used in the title of the property listing 
by the host.

Airbnb hosts should use active language when describ-
ing their property because it is the first information 

potential guests encounter when browsing the search 
results. Unlike hotel names, which are usually standardized 
by hotel chains, titles of Airbnb properties tend to be more 
creative to catch the instantly catching attention of the 
guests “Private Guest Suite,” “Peaceful Private Room,” 
“Your Own Little House,” and “Airy Modern Apartment 
Across from the Beach”. Furthermore, a consumer’s deci-
sion involves choosing one of several alternatives charac-
terized by different attributes. This implies that service 
providers want to improve their competitiveness relative to 
close competitors and identify the critical aspects of their 
strength, thereby generating a competitive advantage. Thus, 
a property’s unique features should be highlighted in the 
title to attract potential customers and charge higher rates.

According to Language Expectancy Theory (LET), 
which explains the effect of different linguistic variations 
on individuals who use persuasive messages, language is a 
rule-governed system, and people develop expectations 
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regarding message strategies employed by others in persua-
sive attempts (Burgoon, 1995). It focuses on how message 
features such as intensity, length, and word choice posi-
tively or negatively “violate” expectations regarding appro-
priate communication (Averbeck, 2010). Burgoon et  al. 
(1975) argued that strategic linguistic choices could signifi-
cantly predict persuasive success. This current study tries to 
understand how strategic linguistic choices (i.e., the titles of 
Airbnb properties) are related to pricing strategy (i.e., prop-
erty rental rates), rental volume (i.e., occupancy rate), and 
financial performance (i.e., RevPAN, Revenue per avail-
able room night) using a hedonic pricing model. The 
hedonic pricing model has been accepted as the preferable 
way to gauge intangible values by estimating the implicit 
prices of a set of individual characteristics that comprise an 
item or good for sale. A gap in the literature on hedonic 
pricing models has been identified by reviewing previous 
literature published in refereed journals, as the language 
used by service providers such as hoteliers and Airbnb hosts 
has not been explored. This study aims to bridge this gap by 
investigating the relationship between the language used in 
a property title and room rates in the P2P accommodations 
market through the lens of LET.

Literature Review

Previous research has demonstrated the importance of com-
munication content and language choice for advertising and 
persuasion. Previous literature in marketing has found that 
language choice in advertisements can influence consum-
ers’ attitudes toward the advertisement and the product and 
their intention to buy the product (Krishna & Ahluwalia, 
2008). For example, Pyun and Jang (2015) attempted to 
identify effective advertising language for tourism destina-
tions and found the matching effect of advertising language 
(i.e., cognitive vs. affective) with destination type impacts 
travelers’ attitudes and behavioral intentions.

According to LET, strategic linguistic uses can signifi-
cantly predict positive behavioral changes (Burgoon et al., 
1975). LET assumes that language is a rule-governed sys-
tem, and consumers may develop expectations about the lan-
guage or message strategies in response to persuasive 
attempts (Burgoon, 1995). LET helps to identify how the 
various features of any given message positively or nega-
tively conform to macro-level expectations about what con-
stitutes effective communication attempts (Burgoon et  al., 
2002). The message senders’ language may comprise two 
types of expectancy violations: positive and negative viola-
tions (Jensen et al., 2013). If the language negatively violat-
ing the expectation (i.e., an “unpleasant surprise”) is used, 
the message and/or the source will be negatively assessed 
and result in little to no attitude change (Averbeck, 2010; 
Burgoon, 1995; Burgoon & Miller, 1971). On the contrary, a 
positive violation of expectation (i.e., “pleasant surprise”) 

facilitates effective persuasion and results in attitude change 
in the desired direction of the sender (Hamilton et al., 1990) 
and source credibility (Burgoon, 1995). From a LET per-
spective, users in online transactions tend to pay close atten-
tion to the few communication cues available (Flanagin, 
2007) and Airbnb property titles can be the crucial compo-
nent of such communication cues. In this respect, a property 
title that reduces uncertainty can be important for building 
potential guests’ trust and increasing guests’ expectations.

LET has often been applied to research investigating the 
effects of textual information (e.g., online reviews) on 
potential consumers (e.g., Jensen et  al., 2013). Larrimore 
et  al. (2011) examined the relationship between language 
use and persuasion success in the P2P lending environment 
and found that the use of lengthy narratives, concrete 
descriptions, and quantitative words is positively related to 
funding success. Similarly, Parhankangas and Renko (2017) 
found that linguistic styles boost the success of social 
crowdfunding campaigns. Lee and Yu (2020) utilized a nat-
ural language processing technique to extract a set of lin-
guistic styles and content cues from their tweet sample and 
employed the Linguistic Inquiry and Word Count (LIWC) 
to analyze each of the tweet samples systematically. 
According to Lee and Yu (2020), using concrete language in 
disaster tweets is the expected norm, leading to a higher 
likelihood of retweeting behavior from the uncertainty 
reduction perspective, while emotionally framed disaster 
tweets are less viral. The findings of their study reveal that 
the fit between language use and the expected communica-
tion norm is critical in improving communication perfor-
mance during disaster emergencies. Furthermore, Koh et al. 
(2020) investigated the role of linguistic styles that are 
effective in pitches in restaurant crowdfunding drawing on 
the LET and uncertainty reduction theory. According to 
Koh et al. (2020)’s study, concrete project descriptions that 
deliver stories with fewer usage of first-person pronouns 
are likely to succeed in restaurant fundraising. The most 
recent research by Koh et al. (2021) investigated the listing 
title’s impact on a property’s financial performance in P2P. 
They examined the linguistic styles of listing titles and 
compared Airbnb listings of different countries. Although 
the study’s findings suggested that Airbnb properties in 
each country have significantly different linguistic styles 
affecting financial performance by location, the study did 
not include listing titles that use the native language. As a 
result, residents’ original cultural background and linguistic 
characteristics were ignored, which could ultimately mean 
that the underlying factors affecting financial performance 
were overlooked. Therefore, this study controlled for cul-
tural variation by analyzing the U.S. market only; however, 
geographical variation was still explored.

Scholars have called for broadening the research scope 
by examining language features in various communication 
contexts (Averbeck & Miller, 2014; Burgoon, 1995; Burgoon 
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et al., 2002). However, LET has been limited in its applica-
tion to P2P accommodation sharing. This study responds to 
this call by extending the LET application to other accom-
modation types and examining the role of language style in 
property titles on Airbnb host pricing decisions (i.e., ADR), 
rental volume (i.e., OCC), and its impact on financial perfor-
mance (i.e., occupancy and RevPAN) by applying a hedonic 
pricing model. The hedonic pricing model argues that prod-
ucts and services are a bundle of objective attributes rather 
than homogeneous components (Lancaster, 1966). The 
hedonic pricing model has been frequently used to examine 
pricing determinants in various contexts. Several scholars 
have applied a hedonic pricing model to the P2P sharing 
context (e.g., Chen & Xie, 2017; Gibbs et al., 2018; Tang 
et  al., 2019; Teubner et  al., 2017). However, previous 
research on Airbnb pricing has mainly included property 
attributes (e.g., property size, amenities) and customer eval-
uations (e.g., review rating) as price determinants in the 
hedonic pricing model and no research has investigated the 
language style used in the property title.

Research Method

In this study, the hedonic price model enables researchers to 
deal with the formidable measurement challenges by identi-
fying the implicit values of language-generating Airbnb 
accommodation characteristics. Data were obtained from 
AirDNA, a third-party Airbnb database organization. 
AirDNA provides descriptive data for every single property, 
along with financial performance metrics. The top four 
Airbnb markets in the United States (New York 96,852; Los 
Angeles 28,741; Miami 23,163; San Francisco 21,178) 
were selected, and 169,934 properties in operation as of 
January 2017 were used for data analysis.

Based on the literature review (e.g., Chen & Xie, 2017; 
Ert et al., 2016; Gibbs et al., 2018), three categories of Airbnb 
accommodation-related variables are identified (i.e., accom-
modation features, transaction characteristics, and host repu-
tation) and these variables are included in data analysis 
together with linguistic scores of Airbnb property titles. 
Descriptive statistics of these variables are presented in Table 
1. About 60% of the properties are hosted by Superhosts, and 
five words, on average, are used in the property titles. There 
are about eleven photos posted on the property listings, and 
about nine reviews are visible per property.

Airbnb’s property titles are considered persuasive mes-
sages in this study. As the first piece of information that 
potential guests see, Airbnb hosts utilize their titles as pro-
motional messages to emphasize the strengths of their prop-
erty and stand out from the competition. The content 
analysis was performed from the property titles using 
LIWC, which are widely used language analysis tool in 
psychology research by calculating values to quantify the 
linguistic cues (Boyd & Schwartz, 2021; Shafqat et  al., 
2016; Tausczik & Pennebaker, 2010). LIWC provides the 

property titles on four different dimensions (scale ranging 
from zero to 100): Analytical thinking (Are the descriptions 
written in a formal, logical, or hierarchical way?), Clout 
(Are the descriptions written from the perspective of high 
expertise and are confident?), Authentic (Are the descrip-
tions written with a more honest, personal, and disclosing 
text?), and Emotional tone (Are the descriptions written 
more positive or upbeat way?) (Pennebaker et  al., 2015; 
Tausczik & Pennebaker, 2010). The scores for these four 
dimensions and word counts were included in the regres-
sion model as linear independent variables. In addition, this 
study also calculated if the descriptions use more concrete 
words by using articles, prepositions, and quantifiers. 
Indeed, concrete words have been known to reduce uncer-
tainty about the property and strengthen confidence when 
predicting consumers’ behaviors according to uncertainty 
reduction theory (Larrimore et  al., 2011). The concrete 
words variable, ranging from zero to 100, was included in 
the regression models. Descriptive results of the linguistic 
measures are shown in Table 1 as well.

The Average Daily Rates, Occupancy Rates, and 
Revenue Per Available Night were calculated to be ana-
lyzed as dependent variables. All three dependent variables 
were annualized in 2017. The results show that, for the 
sample, the mean score of average daily rates was $177.24, 
occupancy rate 53.17%, and revenue per available night 
was $51.12. The dummy variables of four cities and types 
of listings are included in the model as control variables. In 
addition, a dummy variable indicating if single or multiple 
properties manage the property is also included as a control 
variable. A total of three linear multiple regression models 
are tested in this study.

Results

About 53% of properties are operated by single property 
owners. Table 2 shows the results of the regression analyses, 
and all regression models fit the data very well.  A variance 
inflation factor (VIF) is a measure of the amount of multicol-
linearity in regression analysis. None of the independent vari-
ables show a VIF of greater than 10, which—according to Ott 
and Longnecker (2001)—is a cutoff value for an acceptable 
level of multicollinearity. The results of the regression analy-
ses show that the relationships between independent vari-
ables and dependent variables are dynamic so that detailed 
interpretation is required. Note that three control variables 
are included in the regressions to control the variations based 
on locations, listing types, and hosts with multiple listings to 
enhance the research results’ generalizability.

Price (Average Daily Rates)

All accommodation features and most transaction charac-
teristics have significant positive relationships with room 
prices, while cancelation policy, security deposit, and 
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cleaning fees have positive relationships with room prices. 
Superhost status, number of reviews, and host reputation 
have significant negative relationships with room prices, 
although overall, all rating has a significant positive rela-
tionship with the room price. Although the number of words 
used in the description is not significantly related to price, 
all linguistic measures have statistically significant relation-
ships with room prices. Specifically, the Clout, Tone, and 
Concrete scores are significantly negatively related to room 
prices, while Analytic and Authentic scores positively cor-
relate with room prices.

Rental Volume (Occupancy Rates)

All accommodation features have significant negative rela-
tionships with occupancy rates, except the number of pho-
tos is non-significant. Most transaction characteristics have 
significant negative relationships with occupancy rates 
except cancelation policy and cleaning fees. Host reputa-
tions are likely to have positive relationships with 

occupancy rates, but Superhost status is still found to be 
negatively related to occupancy, as is the case for room 
prices. All linguistic measures have significant positive 
relationships with occupancy rates except Analytic and 
Concrete, which were found to be non-significant.

Performance (RevPAN: Revenue Per Available 
Night)

All accommodation features have significant positive rela-
tionships with revenue per available night. Most transaction 
characteristics have significant positive relationships with 
revenue per available night except extra guest fee, which 
was negatively related. Similar to occupancy rates, host 
reputations are likely to have positive relationships with 
revenue per available night, but Superhost status is again 
found to be negatively related to revenue per available 
night. Clout, Tone, and Concrete linguistic measures have 
significantly negative relationships with revenue per avail-
able night, while the number of words, Analytic, and 
Authentic descriptions have significant positive relation-
ships with revenue per available night.

Discussion and Conclusion

This research adopts LET perspectives, arguing that strate-
gic linguistic choices are significant predictors of positive 
behavioral changes (Burgoon et al., 1975). This study found 
that linguistic styles used in a property title have been found 
as key elements of determining P2P room rates, rental vol-
ume, and performance. Property titles with a fewer number 
of words fetch higher prices but are low on rental volume or 
performance. Property titles demonstrating formal, logical, 
and hierarchical thinking are considered more honest, per-
sonal, and revealing, which translates into higher rates, 
larger rental volumes, and better overall performance as 
well. Properties with titles that project expertise and confi-
dence or are more positive or upbeat in style tend to have 
lower rates and yield lower performance but generate higher 
volumes. Property titles using more concrete words (e.g., 
articles, prepositions, and quantifiers) show lower room 
rates and performance.

As for accommodation features, it is not surprising that 
properties with more bedrooms and bathrooms rent out at 
higher prices but have lower rental volumes. However, it is 
interesting that properties with more photos uploaded have 
charged higher rates and shown more considerable rental 
volume and higher performance. It is suggested that prop-
erty operators upload more photos to their postings to 
improve performance. Regarding the transaction character-
istics, the results show that charging extra guest fees nega-
tively affects price, rental volume, and performance, while 
properties with minimum stay requirements, instant book-
ing options, and higher response times show lower prices 

Table 1.
Variables for the Hedonic Pricing Model.

Variables M SD

Dependent 
variables

Average daily rates $177.24 221.43
Occupancy rates 53.17% .26
Revenue per 

available night
$51.12 84.90

Accommodation 
feature

Number of 
bedrooms

1.1933 .80929

Number of 
bathrooms

1.2249 .60376

Number of max 
guests

3.0488 2.0431

Number of photos 11.2756 11.06709
Transaction 

characteristics
Cancelation policya 2.003 .88568
Security depositb .4589 .49831
Cleaning feeb .6485 .47743
Extra people feeb .2635 .44052
Minimum stayc 2.6183 4.35743
Instant bookingd .1094 .31211
Response ratee 87.8835 19.22738
Response timef 322.2487 418.1224

Host reputation Superhost statusd .6009 .48971
Number of reviews 9.2444 21.0883
Overall rating 4.6032 .48804

Language Word count 5.2466 1.41608
Analytic 94.2358 10.39144
Clout 57.2251 17.94292
Authentic 51.7732 41.2373
Tone 50.6317 34.99123
Concrete 11.7229 13.02131

a.Flexible (1) to Strict (3). b. Charge (1) and Non-charge (0). c. Days. d. 
No (0) vs. Yes (1). e. Percentage. f Hour.
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but higher rental volumes and performance. Interestingly, 
the results show that properties with more strict cancelation 
policies charged higher prices, sold more rooms, and gener-
ated higher performance. Property owners may not have to 
loosen their cancelation policies or extra guest charges to 
boost overall higher performance, although cautious strate-
gies have to be considered. In addition, the roles of host 
reputation in the results have been interesting. The proper-
ties with Superhost status have charged less and shown 
lower rental volume and performance despite our findings 
that overall ratings are positively related to all dependent 
variables. It is also interesting that the number of reviews is 
negatively related to price but positively to rental volume 
and performance. It is suggested that property owners 

carefully manage the property postings based on their over-
all property management goals.

Implications

Understanding how linguistic styles affect customers’ 
response and behavior can play an invaluable role in devel-
oping effective marketing strategies in the hospitality indus-
try. The impact of linguistic styles in communication and 
marketing material and the role of language in describing 
the property and hospitality services of businesses has yet to 
be explored adequately by scholars in the hospitality sector. 
The findings of this study reveal several practical implica-
tions for hospitality practitioners. It confirmed the 

Table 2.
Multiple Regression Analyses Results.

Variables

Average Daily Rate Occupancy Rate RevPAN

Std. β Sig. Std. β Sig. Std. β Sig.

Control variables City (reference: 
New York)

Los Angeles –.126 .000 –.012 .018 –.140 .000
Miami –.045 .000 –.129 .000 –.126 .000
San Francisco .051 .000 .005 .315 .064 .000

Type of Listings 
(Reference: 
Entire House)

Shared room –.150 .000 –.113 .000 –.151 .000
Private room –.009 .013 .002 .594 –.014 .000

Entrepreneurs
(running multiple properties)

.002 .636 –.022 .000 –.039 .000

Accommodation 
feature

Number of bedrooms .126 .000 –.023 .001 .148 .000
Number of bathrooms .364 .000 –.040 .000 .168 .000
Number of max guests .195 .000 –.089 .000 .110 .000
Number of photos .053 .000 .003 .570 .118 .000

Transaction 
characteristics

Cancelation policy .041 .000 .050 .000 .060 .000
Security deposit .026 .000 –.002 .707 .019 .000
Cleaning fee .010 .014 .020 .000 .033 .000
Extra people fee –.080 .000 –.010 .050 –.054 .000
Minimum stay –.029 .000 .065 .000 .000 .950
Instant booking –.014 .000 .066 .000 .028 .000
Response rate –.036 .000 .146 .000 .050 .000
Response time –.015 .023 .034 .000 .017 .014

Host reputation Superhost status –.016 .000 –.026 .000 –.030 .000
Number of reviews –.037 .000 .283 .000 .129 .000
Overall rating .043 .000 .030 .000 .042 .000

Linguistic analysis Word Count –.006 .109 .027 .000 .009 .025
Analytic .013 .001 .009 .072 .006 .147
Clout –.018 .000 .010 .027 –.023 .000
Authentic .011 .005 .016 .001 .022 .000
Tone –.023 .000 .021 .000 –.015 .000
Concrete –.028 .000 –.005 .309 –.026 .000

Model statistics R .664 .429 .534
R2 .441 .184 .285
F 1182.198 336.965 655.331
Sig. .000 .000 .000

Note. RevPAN = revenue per available room night.
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importance of the linguistic style used in a property title in 
P2P property rental transactions, which may also apply to 
other lodging industries. Boutique and independent hotels 
may benchmark the strategies of Airbnb hosts when creat-
ing titles that capture the interest of potential guests and 
persuade them to book.

The results of this study suggest that hotel managers 
should pay more attention to the linguistic style and key-
words used to describe their property to increase room rates 
and improve financial performance. To improve financial 
performance, lodging owners must describe their property 
formally, logically, and hierarchically so prospective guests 
will perceive them as being more honest, personal, and 
revealing. On the contrary, concrete words such as articles, 
prepositions, and quantifiers should be avoided. Finally, 
despite their key role in affecting guests’ hotel decisions 
when selecting a hotel, property attributes (e.g., location) 
and features (e.g., room size) are usually unable to be sig-
nificantly changed due to practical restrictions, whereas 
hotel management can easily modify the description of their 
property. Leveraging storytelling and narrative-driven tech-
niques can further help hospitality businesses create a more 
vivid portrait of their service offerings and creative repre-
sentation of their property in the minds of guests, which in 
turn will help shape their online and offline feedback.

In addition to practical implications, the results of this 
study open up uncharted research territory in the hospitality 
literature, offering an extension of LET theory to P2P trans-
action between Airbnb hosts and potential guests. Previous 
studies in hospitality have mostly been interested in the 
impacts of room rates, hotel attributes, and online customer 
reviews on customers’ decision-making process and hotel 
performance. This study shows that linguistic style and key-
words matter to the financial performance of the property. 
This study can also contribute to the theoretical develop-
ment of a framework for hosts’ strategic behavior on P2P 
sharing platforms; this is an area that has not been explored 
in depth in hospitality literature so far.

Limitations and Suggestions for Future 
Research

Several limitations of this study should be acknowledged. 
This study only focused on the top four U.S. markets during 
January 2017 (before the pandemic); thus, this study’s find-
ings may not fully represent the entire lodging industry. 
Additional platforms or other hospitality areas may also be 
explored. In addition, the geographical location of proper-
ties and/or competitive dynamics may be considered in 
future research to control for the confounding effect—
although language variation was controlled in this study.

The next major step of this research will be to build a 
comprehensive pricing theory for the lodging industry and 

action strategies by considering management’s decision-
making processes. The authors strongly encourage scholars 
working in hospitality management to discuss further their 
views on the unique features of pricing decisions on P2P 
transactions. Furthermore, further research can incorporate 
additional components into the hedonic pricing model to 
discover the untapped worth of service offerings.

We encourage future researchers to explore further how 
language style, specific words, or expressions used in a 
hotel property description can change a potential guest’s 
perceived value by applying an experimental design and 
evaluating whether property photos moderate the relation-
ship. In addition, psycholinguistic approaches (Pennebaker 
et  al., 2001; Pennebaker & Graybeal, 2001) may also be 
suggested to analyze function words and language struc-
tures of property titles and descriptions.
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