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Quantitative

Introduction

Financial analysts are considered one of the most important 
information intermediaries and users of financial reports (e.g., 
Bhat et al., 2006; Revsine et al., 2004), and their forecasts are 
among the main proxies for profitability expectations used by 
capital market participants (Bradshaw et al., 2012). Analysts 
collect information from annual reports, companies’ websites, 
databases and conference calls, and assess firms’ long-term 
value generation. This information mosaic is then used as an 
input in valuation models and translated into earnings fore-
casts (Asquith et  al., 2005; Bradshaw, 2002; Gleason et  al., 
2013; Green et  al., 2016). Consequently, for market partici-
pants to predict future stock returns and make efficient 
asset  allocation, accurate analyst forecasts are crucial. Prior 
literature agrees that the accuracy of analyst forecasts is a 
function of analyst characteristics (Clement, 1999; Jacob 
et al., 1999; Mikhail et al., 1997) and firm-specific character-
istics (e.g., Bhat et  al., 2006; Bhushan, 1989; Hope, 2003; 
Muslu et  al., 2019). However, prior literature has not yet 

investigated the link between business strategies and analyst 
forecast accuracy in the hospitality industry.

The purpose of the study is to investigate the accuracy of 
analyst forecasts in the hospitality industry, which is a par-
ticularly interesting context for three main reasons. First, 
over the past few decades, many hospitality companies have 
shifted their business model towards an asset-light and fee-
oriented strategy (ALFO hereafter; Blal & Bianchi, 2019), 
enabling them to grow more quickly without needing sig-
nificant external capital and without bearing the risks related 
to property ownership. Furthermore, fees and royalties posi-
tively impact liquidity, providing firms with more flexibility 
as cash flows become more stable and more predictable. 
This change of paradigm hence impacts companies’ capital 
structure, liquidity, corporate actions, growth, and risk (e.g., 
Andrew et al., 2007; Dogru et al., 2020; Gim & Jang, 2019; 
Koh et al., 2018; Poretti & Blal, 2020; Sohn et al., 2013), all 
of which financial analysts should incorporate in their earn-
ings forecasts. Second, as explained by Kross and colleagues 
(1990), the volatility of earnings is a critical factor 
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influencing the accuracy of analyst forecasts. Given that the 
hospitality industry is highly exposed to consumers’ discre-
tionary spending and macroeconomic conditions (Chen 
et  al., 2005; Poretti & Heo, 2022a, 2022b; Singal, 2012; 
Wong & Song, 2006), it makes the forecasting of future 
profitability a very complicated task. Third, ownership 
structures have been changing over the past decades in the 
hospitality industry, are very heterogenous, and have 
become a critical matter to consider for investors (Leung 
and Lee, 2006; Masset et al., 2019; Oak and Dalbor, 2008a, 
2008b; Oak and Upneja, 2009; Tsai and Gu, 2007). As own-
ership concentration negatively influences the information 
disclosure to capital markets participants (Eng & Mak, 
2003), ownership structures should directly impact the 
quantity and quality of the information to which analysts 
have access when constructing their forecasts.

This study therefore investigates the links amongst fee-
oriented strategies, ownership structure, and analyst forecast 
accuracy in the hospitality industry. We posit (1) that fee-
oriented strategies impact analyst forecast accuracy, and (2) 
that this impact is stronger for firms with concentrated own-
ership. Regarding the first expectation, on the one hand, as 
fee-oriented strategies lead to lower ownership of fixed 
assets, lower risk, lower operating leverage, and more stable 
and higher cash flows (Andrew et  al., 2007; Dogru et  al., 
2020; Poretti & Heo, 2021a), one might expect financial ana-
lysts to make more accurate earnings forecasts for these 
firms. On the other hand, analysts might make less accurate 
forecasts for some firms due to the incremental complexity 
induced by the adoption of fee-oriented strategies. Indeed, in 
most cases, revenue generated from franchises and manage-
ment contracts only represents a fraction of total revenue, 
meaning that companies pursue both fee-oriented and equity-
based strategies, hence becoming organizations of the plural 
form (Bradach & Eccles, 1989; Combs et  al., 2011; El 
Akremi et  al., 2015). Consequently, the plural form might 
add a layer of financial reporting complexity to the firm 
(Geringer et al., 1989; Hitt et al. 1997; Hua & Upneja, 2007; 
Poretti et al., 2023), which may lead to higher information 
asymmetry between the firm’s insiders and outsiders 
(Rodríguez-Pérez & Van Hemmen, 2010), making it more 
difficult for analysts to derive accurate earnings forecasts 
(Bentley-Goode et al., 2019).

Regarding the second expectation, the effect of fee-ori-
ented strategies on analyst forecast accuracy may depend on 
companies’ information and disclosure environment. 
According to prior studies, demand and supply of financial 
information are conditional on ownership concentration 
(Wang, 2006). Firms with concentrated ownership tend to 
withhold private information internally, and thus disclose 
less information to capital markets than firms with diluted 
ownership (Ajinkya et al., 2005; Anderson & Reeb, 2003). 
Therefore, by considering that fee-oriented strategies incor-
porate information on future cash-flows, adopting fee-ori-
ented strategies should critically improve the information 

disclosure of firms with concentrated ownership, which 
should reduce information asymmetry and help analysts 
make more accurate forecasts.1 Overall, whether and how 
fee-oriented strategies in conjunction with ownership struc-
ture impact analyst forecast accuracy remains an open empir-
ical question.

Using a sample of 29,019 earnings forecasts on publicly 
listed hotel and restaurant firms in Europe and North America 
from 2010 to 2019, we document that following a fee-ori-
ented strategy increases analyst forecast accuracy, especially 
for companies with concentrated ownership. Furthermore, 
the adoption of a fee-oriented strategy leads to analysts mak-
ing more accurate forecasts on the adoption year and the 
years after, for both widely-held and concentrated ownership 
firms. Our results hold after mitigating endogeneity concerns 
(i.e., adopting a fee-oriented strategy is not random) using a 
Heckman (1979) two-stage model and entropy balancing.

The remainder of the paper is organized as follows. The 
following section contains the literature review and the 
hypotheses development, followed by the sample description 
and methodology. The fourth section presents and discusses 
the findings. The last section provides conclusion and practi-
cal implications of our findings.

Theoretical Framework and Research 
Question Development

Fee-Oriented Strategies in the Hospitality 
Industry

Over past decades, companies have started to opt for ALFO 
strategies, modifying their capital structures, risk, and liquid-
ity (Gim & Jang, 2019; Hsu & Jang, 2009; Roh, 2002). These 
strategies, also called “non-equity strategies,” imply either 
the divestment of long-term tangible assets, or the reduction 
of capital investments when the firm expands, while focus-
ing more on management and/or franchising strategies. Such 
a fee-oriented business model enables firms to grow fast with 
fewer capital investments (Sohn et al., 2013), allowing for 
greater flexibility (Gim & Jang, 2019) and stabilizing and 
increasing cash flows (Andrew et  al., 2007; Dogru et  al., 
2020).

Although the benefits of ALFO strategies have been widely 
advocated in the literature, only a few studies highlight their 
disadvantages. Gim and colleagues (2019) document that 
franchise restaurants that are in a growth phase tend to manage 
earnings more than other restaurants, while Blal and Bianchi 
(2019) show that hotel firms pursuing an asset-light strategy 
are not necessarily associated with better financial perfor-
mance. In the same vein, Märklin and Bianchi (2022) docu-
ment a lack of significant association between ALFO strategies 
and risk and return. More recently, Poretti and colleagues 
(2023) found that adopting an ALFO strategy may introduce 
incremental complexity in the firm. Indeed, most companies 
following an asset-light strategy use a mix of franchising/
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management contracts and real estate ownership (Hsu & Jang, 
2009; Lawrence & Perrigot, 2015; Madanoglu et al., 2019), as 
the fraction of total revenue generated from franchise fees and 
management contracts never reaches 100% (i.e., the fee-
income ratio is always smaller than 1).2 As a result, most 
ALFO firms can be described as organizations of the plural 
form (Bradach & Eccles, 1989; Combs et al., 2011; El Akremi 
et al., 2015).

In turn, it can be expected that, all else equal, greater firm 
complexity leads to a greater informational gap between the 
firm’s insiders and outsiders (i.e., information asymmetries). 
From an analyst’s perspective, greater information asymme-
try is detrimental as it diminishes both the breadth and depth 
of the information mosaic used to derive forecasts, leading to 
less accurate forecasts.

Accuracy of Analyst Forecasts

A considerable number of studies have investigated how 
accurate analysts are in predicting earnings per share (EPS; 
e.g., Capstaff et al., 2001; Harris, 1999), which have gener-
ally found that forecasts tend to be optimistic and relatively 
inaccurate. Since the publication of those seminal works, 
empirical research has tried to identify the determinants of 
earnings forecast accuracy, and three broad factors have 
emerged: analyst experience, cognitive biases, and firm 
characteristics.

Clement (1999) demonstrates that forecast accuracy 
increases when analysts have higher general and firm-spe-
cific experience, while Hussain (2010) shows that analyst 
forecasting accuracy is a positive function of their experi-
ence, but also depends on the experience of the broker houses 
they work for. Bradley and colleagues (2017) found that ana-
lysts who issue forecasts for firms in industries in which they 
worked before becoming analysts issue more accurate fore-
casts. With regards to cognitive biases, it has been docu-
mented that analysts have specific incentives to provide 
biased numbers when they (1) work for banks that have busi-
ness relationships with the covered firms (Hodgkinson, 
2001; Mehran & Stulz, 2007), (2) hold shares of these firms 
(Chan et al., 2018), and (3) are hired in the near future by one 
of the firms they cover (Lourie, 2019).

Moreover, analysts may use imperfect valuation models 
or make questionable judgments when implementing valua-
tion models (e.g., Gleason et al., 2013; Green et al., 2016). 
For instance, they may not adjust their inputs for uncondi-
tional accounting conservatism, which leads to larger errors 
(Kim, nekrasov, et al., 2019). Analyst behavioral biases may 
also lead to the issuance of optimistic forecasts (e.g., Cen 
et al., 2013; Kahneman & Tversky, 1973; Roger et al., 2018).

Overall, prior literature considers firm-specific character-
istics among the main factors influencing forecast accuracy. 
Denis and colleagues (2003) found that being included in the 
S&P 500 index decreases EPS forecast errors, implying that 
there are benefits in being quoted on a well-known market 

index. Andersson and Hellman (2007) suggest that the 
greater the access to financial information granted to ana-
lysts, the higher their forecast accuracy. Furthermore, firm-
specific risk factors also play a role in analysts’ forecasting 
abilities. Chu and Zhai (2021) provide evidence that analysts 
make overly optimistic EPS forecasts for firms facing higher 
distress risk, while Dichev and Tang (2009) show a negative 
association between earnings forecasting errors and earnings 
volatility.

Given the importance documented in the literature of 
firm-specific characteristics in explaining analyst forecast 
accuracy, our study contributes to this body of research by 
investigating the effect of two firm-specific characteristics, 
namely business strategies and ownership structure, as well 
as their interplay, on analyst forecast accuracy.

Ownership Concentration

In the context of hospitality firms, the critical role that own-
ership structure plays in enhancing transparency cannot be 
understated. Oak and Dalbor (2010) explain that institutional 
investors are prominent actors in the hospitality industry, 
while several leading hospitality companies are family-con-
trolled (Singal, 2014). Recent studies accounted for owner-
ship characteristics in their analysis of the consequences of 
business strategies on financial outcomes (e.g., Gim & Jang, 
2019; Poretti & Blal, 2020), emphasizing that ownership 
must be taken into consideration to gain a comprehensive 
understanding of the big picture.

Viewing ownership concentration through the lens of 
agency theory, the alignment hypothesis posits that the pres-
ence of a blockholder may reduce Type I agency conflicts 
between owners and managers, as controlling shareholders 
play a monitoring role, thereby reducing information asym-
metries, disciplining managers, and preventing them from 
expropriating private benefits (Shleifer & Vishny, 1986). In 
the context of firms with significant institutional ownership, 
Ramalingegowda and colleagues (2021) document that com-
mon institutional ownership is associated with better finan-
cial reporting information quality. The authors explain that, 
in the United States, BlackRock, Vanguard, and State Street 
are “the largest shareholder in more than 40% of all United 
States listed companies and 88% of S&P 500 companies” 
(Fichtner et al., 2017, p. 212). Being the largest investor in a 
company enables institutional investors to elect members of 
the top management team and the board of directors, giving 
significant decisional power and monitoring capacity, thus 
enhancing financial information quality (e.g., Ayers et  al., 
2011; Bushee, 1998; Cornett et  al., 2008; Rajgopal & 
Venkatachalam, 1997), and reducing agency conflicts.

In contrast, according to the entrenchment hypothesis, 
ownership concentration might lead to agency conflicts 
between minority and controlling shareholders, increasing 
the risk of wealth expropriation at the expense of minority 
shareholders (Schulze et  al., 2003). Under this hypothesis, 
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controlling shareholders (i.e., institutional investors, families 
in family firms, corporations, or individual investors) tend to 
entrench themselves, thus reducing the board monitoring 
effectiveness (e.g., Schulze et al., 2001; Villalonga & Amit, 
2009). Indeed, controlling shareholders may withhold pri-
vate information internally, and favor specific managers for 
high-level positions (e.g., top management), thus weakening 
the board’s monitoring role and hindering the reliability per-
ceived by financial markets (Anderson & Reeb, 2003; 
Ajinkya et al., 2005). Ding and colleagues (2011) found that 
firms with concentrated ownership have less informative 
earnings, employ less conservative accounting practices, and 
have higher discretionary accruals, which ultimately suggest 
that such firms engage in more opportunistic reporting 
behavior.

Hypotheses Development

Since Akerlof’s (1970) seminal paper, the concept of infor-
mation asymmetry has become increasingly important as 
firm insiders possess more information than outsiders, result-
ing in an information gap between the two groups. Leuz and 
Verecchia (2000, p. 92) explain that “information asymme-
tries create costs by introducing adverse selection into trans-
actions between buyers and sellers of firm shares.” To avoid 
the negative consequences of information asymmetries—
such as reduced liquidity and higher cost of capital (Hermalin 
& Weisback, 2012; Leuz & Wysocki, 2008)—and to enhance 
market participants’ comprehension of the firm (Holland, 
1998), managers/firms disclose information on their activi-
ties and performance.

The accounting literature has extensively explored the 
benefits of corporate transparency and voluntary disclosure 
as a means of mitigating adverse selection and moral hazard 
problems (Bushman & Smith, 2001). The timely disclosure 
of financial accounting information may play a governance 
role through the reduction of information asymmetries across 
stakeholders.

When a company adopts a fee-oriented strategy, incre-
mental information about revenue generation is disclosed 
through annual reports, which may help analysts forecast 
earnings more accurately. On the one hand, as fee-oriented 
strategies lead to lower risk, more stable and higher cash 
flows, financial analysts should make more accurate earn-
ings forecasts for these firms (Andrew et  al., 2007; Dogru 
et al., 2020). On the other hand, pursuing fee-oriented strate-
gies may increase the inherent complexity of the firm (Poretti 
et  al., 2023). In most cases, revenue generated from fran-
chises and/or management contracts only represents a frac-
tion of total revenue, meaning that companies pursue both 
fee-oriented and equity-based strategies, hence becoming 
organizations of the plural form (Bradach & Eccles, 1989; 
Combs et al., 2011; El Akremi et al., 2015). This increase in 
complexity may lead to higher information asymmetry 

between the firm’s insiders and outsiders (Rodríguez-Pérez 
& Van Hemmen, 2010), making it more difficult for analysts 
to derive accurate earnings forecasts (Bentley-Goode et al., 
2019). These arguments lead us to formulate the first set of 
hypotheses:

H1a: Fee-oriented strategies are positively associated 
with analysts’ earnings forecast accuracy.
H1b: Fee-oriented strategies are negatively associated 
with analysts’ earnings forecast accuracy.

Moreover, the effect of fee-oriented strategies on analyst fore-
cast accuracy may depend on companies’ information envi-
ronment. According to prior studies, demand and supply of 
financial information are conditional on ownership concentra-
tion (Wang, 2006). Eng and Mak (2003) explain that the level 
of information disclosure is negatively related to ownership 
concentration. Firms with concentrated ownership tend to 
withhold information internally, and thus disclose less infor-
mation to capital markets than firms with diluted ownership 
(Ajinkya et al., 2005; Anderson & Reeb, 2003), creating infor-
mation asymmetries between insiders and outsiders. Therefore, 
assuming that fee-oriented strategies incorporate information 
on future performance, adopting fee-oriented strategies should 
critically improve the information environment of firms with 
concentrated ownership, which should help analysts make 
more accurate forecasts. These arguments lead us to formulate 
our second hypothesis:

H2: The impact of fee-oriented strategies on analysts’ 
earnings forecast accuracy is stronger for firms with con-
centrated ownership.

Data and Methodology

Sample and Sampling Procedure

We built the sample in five steps. First, we identified all 
hotel and restaurant firms available on Refinitiv Datastream 
over the 2010 to 2019 period and we retained firms from 
Europe and North America (N = 140).3 Second, we kept 
only companies for which franchise and management fees 
could be hand-collected in annual reports and 10-k forms 
(N = 88). Third, we retrieved analyst earnings forecast data 
from the Institutional Brokers' Estimate System (IBES) 
database for each company-year observation. Fourth, we 
obtained all other firm-specific financial data (i.e., control 
variables) from Refinitiv Datastream and kept only firms 
for which the required information was available. Finally, 
after removing all firm-year observations with only one 
forecast (as it lead to a standard deviation of 0), the final 
sample was comprised of 29,019 analyst estimations made 
by 422 different analysts4 for 11 hotels (6,855 observa-
tions) and 38 restaurant firms (22,164 observations). Out 
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of the 49 firms, 19 (39%) were from Europe,5 and 30 (61%) 
were from North America.

Model Development

To analyze the effect of fee-orientation on analyst forecast 
accuracy across different ownership structures, we investi-
gated the impact of fee-oriented strategies for firms with or 
without concentrated ownership on analyst forecast accuracy 
(Model 1). The first model was the following:

ERROR = + FEE_INCOME + OWN + 

FEE_INCOME * OWN

i, j 0 1 i,t 2 i,t

3 i,

β β β

β tt 4 i,t

5 i,t 6 i,t 7 i,t

8

+ SIZE +

LEVERAGE + LOSS + MTB +

 AC_INDE

β

β β β

β PP + ABSABNACC + 

BETA + FIXED EFFECTS + 
i,t 9 i,t

10 i,t i,t

β

β ε

	 (1)

where ERROR was the analyst earnings forecast error, mea-
sured as the absolute difference between the actual EPS and 
the estimated EPS, scaled by the standard deviation of EPS 
estimations (absolute standardized unexpected earnings). 
The greater the difference between the actual and estimated 
EPS, the more the market will be surprised. The ratio was 
scaled by the standard deviation of estimations to account 
for the heterogeneity of expectations (i.e., a small standard 
deviation means that there is consensus among analysts, 
while a large standard deviation signals there is high uncer-
tainty regarding future EPS). In line with previous studies 
(e.g., Poretti & Blal, 2020), FEE_INCOME measured the 
extent of fee-oriented strategies in the firm, computed as 
the ratio of franchise and management fees divided by total 
revenue.6 OWN was a dummy variable taking the value of 1 
if the percentage of voting rights owned by the largest 
investor is larger than the sample median, and 0 otherwise. 
The interaction term FEE_INCOME*OWN measured the 
incremental impact of fee-oriented strategies on analyst 
forecast accuracy for firms with concentrated ownership. If 
such strategies led to more accurate forecasts for firms with 
concentrated ownership, one might expect a positive coef-
ficient β3 on this interaction term. In line with previous 
studies on analyst forecast accuracy (e.g., Bhat et al., 2006; 
So, 2013), various control variables were included in the 
model. SIZE measured firm size, computed as the natural 
logarithm of total assets. LEVERAGE was the ratio of long-
term debt to total assets. LOSS was a dummy variable equal 
to 1 if net income was negative and 0 otherwise. MTB was 
the market-to-book ratio, which proxied for growth oppor-
tunities. AC_INDEP was a dummy variable equal to 1 if the 
audit committee was fully independent.7 ABSABNACC was 
a measure of earnings quality, namely the absolute abnor-
mal accruals calculated following Francis and Michas 
(2013). BETA measured risk and was the sensitivity of a 
given stock return to the market portfolio, calculated using 

1 year of daily returns. We included analyst, firm, and year 
fixed effects.8 All variables are defined in Appendix B (see 
the online supplemental materials).

Results

Summary Statistics

Table 1 documents the distribution of the sample by coun-
try and sub-industry. Panels A shows that the full sample 
was mainly composed of U.S. firms (68%), followed by 
U.K. firms (15%). Most analyst forecasts were related to 
restaurant firms (76%). Note that Appendix A provides 
information about the companies included in the sample. 
Panel B documents the distribution of firm-year observa-
tions by country and sub-industry.9 Overall, as for fore-
casts, firm-year observations mostly came from U.S. (58%) 
and U.K. companies (21%), with 79% (316/402) of firm-
year observations focusing on restaurant firms. Panel C 
presents information regarding sampled firms’ ownership 
structures. In all, 51% of observations were related to firms 
with concentrated ownership, and 49% to firms with diluted 
ownership. Furthermore, for the former group (concen-
trated), the main shareholder had, on average, 30.1% of 
voting rights, in contrast with the main shareholder in com-
panies with diluted ownership who had, on average, only 
8.9% of voting rights.

Descriptive statistics about the variables used in the mod-
els are provided in Panel A of Table 2. The analyst forecast 
error (ERROR) is expressed in absolute terms, which is why 
the figures are consistently positive, with an average analyst 
error of 99.7%. The average OWN (equal to 1 for firms with 
concentrated ownership) is equal to 51.1%. The average fee-
income ratio is 14.5% (FEE_INCOME),10 while the average 
SIZE is 15.25. The average debt-to-asset ratio is 36.9% 
(LEVERAGE), and firms disclose a net loss in 4.8% of obser-
vations (LOSS). The average market-to-book ratio (MTB) is 
3.89. Next, 84% of audit committees are fully independent, 
and absolute abnormal accruals amount to 0.044 on average. 
Finally, the average BETA is 0.25.

Panel B of Table 2 describes the size of sample firms. On 
average (median), hotel firms are larger than restaurant firms 
in terms of total assets. However, the market value tends to 
be higher for restaurant firms, on average (but not median). 
This result is driven by several companies with high market 
values such as McDonalds, Starbucks, Chipotle Mexican 
Grill, Yum! Brands, and the Compass Group.

Correlation Matrix

Appendix C reports the Spearman correlations among the vari-
ables used in our models. Analyst forecast error (ERROR) is 
positively correlated with OWN and LOSS, while it is nega-
tively correlated with FEE_INCOME, SIZE, MTB, and AC_
INDEP. In other words, forecast errors were greater for firms 
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with concentrated ownership and firms reporting a net account-
ing loss, while errors were smaller for larger firms, fee-oriented 
firms, and firms with greater growth opportunities and more 
independent audit committees. Given the high level of correla-
tion among variables, and in line with Iacobucci and colleagues 
(2016), we mean-centered all variables used in the regressions. 
Variance inflation factors (VIF) were not higher than 4, indicat-
ing no multicollinearity issue.

The Impact of Fee-Oriented Strategies on Analyst 
Forecast Errors

The results of the application of Model 1 (OLS model) are 
presented in Table 3, with ERROR (the EPS forecast error 
scaled by the standard deviation [SD] of estimates)11 as 
dependent variable. In Column 1, the results indicate that 
the greater the proportion of fee-income with respect to 
total revenue (i.e., fee-income ratio), the smaller the ana-
lyst forecast error, as evidenced by the negative and sig-
nificant (p < .01) coefficient on FEE_INCOME. This 
result confirms H1a, that fee-oriented firms are associated 

with more precise analyst forecasts. Moreover, ownership 
concentration is associated with greater forecast error, as 
documented by the positive and significant (p < .01) coef-
ficient on OWN. This result confirms the greater opaque-
ness underlying the information disclosed by companies 
with concentrated ownership, which makes their future 
earnings harder to forecast for analysts.

In Column 2, the coefficient on the interaction term FEE_
INCOME*OWN is negative and significant (p < .01), mean-
ing that the diminishing effect pursuing a fee-oriented strategy 
had on forecast errors was stronger for firms with concen-
trated ownership than for firms with diluted ownership, which 
is in line with our second hypothesis (H2). This result sug-
gests that the effect of fee-oriented strategies on analyst fore-
cast accuracy is dependent on the firm’s ownership structure.

To further investigate the results presented in Column 2, 
we ran group-wise regressions in Columns 3 and 4. In 
Column 3, we focused exclusively on firms with concen-
trated ownership, and the coefficient on FEE_INCOME 
appears to be negative and significant (p < .01). In contrast, 
in Column 4 (focus on firms with diluted ownership), the 

Table 1. Sample Description.
Panel A: Number of Forecasts by Country.

Country

N %

Full Sample Hotels Restaurants Full Sample Hotels Restaurants

CA 1,226 0 1,226 4.2% 0.0% 5.5%
FR 2,613 1,092 1,521 9.0% 15.9% 6.9%
SP 1,122 1,122 0 3.9% 16.4% 0.0%
UK 4,295 606 3,689 14.8% 8.8% 16.6%
US 19,763 4,035 15,728 68.1% 58.9% 71.0%
Total 29,019 6,855 22,164 100% 100% 100%

Panel B: Number of Firm-Year Observations by Country.

Country

N %

Full Sample Hotels Restaurants Full Sample Hotels Restaurants

CA 16 0 16 4.0% 0.0% 5.2%
FR 46 20 26 11.4% 20.8% 8.5%
SP 20 20 0 5.0% 20.8% 0.0%
UK 85 10 75 21.1% 10.4% 24.5%
US 235 46 189 58.5% 47.9% 61.8%
Total 402 96 316 100% 100% 100%

Panel C: Sample Distribution by Ownership Concentration.

Full sample Voting Rights Owned by Main Shareholder

Diluted Ownership 49% 8.90%
Concentrated Ownership 51% 30.10%
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coefficient on FEE_INCOME is not statistically significant. 
In other words, the higher the firm’s reliance on a fee-ori-
ented strategy, the more precise the analyst forecasts,12 and 
such effect is magnified for firms with concentrated 
ownership.13

Additional Analyses

Adopting a fee-oriented strategy.  In this additional analy-
sis, to refine our main findings, we investigated the impact 
of adopting a fee-oriented strategy on forecast accuracy for 
firms with concentrated or diluted ownership. To do so, we 
followed a Heckman (1979) two-stage approach in which 
we first modeled the decision to adopt a fee-oriented strat-
egy using a probit model. Given that our sample was not 
the entire population of restaurant and hotel companies, the 
Heckman two-stage model enabled us to mitigate the endo-
geneity concern related to sample selection which could 
bias our estimations. To satisfy the exclusion restriction, we 
included MTB as a predictor in the first stage and excluded 
it in the second stage. Indeed, MTB was strongly associated 
with the probability of becoming fee-oriented in the first 
stage, while it was not correlated with the disturbance term 
in the second stage (Certo et al., 2016). Then, including the 
inverse Mills ratio (IMR) from the first step in the second 
step, we analyzed the impact of adopting a fee-oriented strat-
egy on forecast accuracy, for firms with or without concen-
trated ownership (model 2):

ERROR = + ADOPTION_YEAR +

 1Y_AFTER_ADOPTION +

 2Y

i, j 0 1

2

3

β β

β
β __AFTER_ADOPTION + 

 3Y_AFTER_ADOPTION + OWN + 

 ADO
4 5 i,t

6

β β

β PPTION_YEAR * OWN +

 1Y_AFTER_ADOPTION * OWN + 

 2Y_

i,t

7 i,t

8

β

β AAFTER_ADOPTION * OWN +

 3Y_AFTER_ADOPTION * OWN + 

 

i,t

9 i,tβ

β110 i,tIMR + CONTROLS +ε

	
(2)

where ERROR is as defined for Model 1, ADOPTION_YEAR 
is a dummy variable equal to 1 on the year of the adoption of 
a fee-oriented strategy, 1Y_AFTER_ADOPTION is a dummy 
variable equal to 1 on the year following the adoption, 2Y_
AFTER_ADOPTION is a dummy variable equal to 1 two 
years following the adoption, and 3Y_AFTER_ADOPTION 
is a dummy variable equal to 1 three years following the 
adoption. IMR stands for the inverse Mills ratio calculated in 
the first step. Each variable depicting the adoption of a fee-
oriented strategy (and the 3 years following it) is then inter-
acted with OWN (which is as defined for Model 1). We ran 
this model only on firms that either did not follow a fee-ori-
ented strategy over the entire sample period or adopted a fee-
oriented strategy during the sample period.14 However, this 

Table 2. Descriptive Statistics.
Panel A: Variables Used in the Models.

Mean SD P25 Median P75

ERROR 0.997 0.865 0.368 0.845 1.319
OWN 0.511 0.500 0.000 1.000 1.000
FEE_INCOME 0.145 0.218 0.000 0.013 0.182
SIZE 15.251 1.300 14.221 15.384 16.300
LEVERAGE 0.369 0.321 0.163 0.320 0.486
LOSS 0.048 0.214 0.000 0.000 0.000
MTB 3.896 13.834 1.254 3.548 7.126
AC_INDEP 0.841 0.366 1.000 1.000 1.000
ABSABNACC 0.044 0.039 0.017 0.035 0.058
BETA 0.253 0.125 0.160 0.243 0.320

Panel B: Size of Sample Firms.

Mean Median 1st Quartile 3rd Quartile

Total Assets (in KUSD)
Hotel Firms 6,454,996 4,150,000 1,900,000 7,950,000
Restaurant Firms 5,015,696 1,500,000 568,641 6,000,000
Market Value of Equity (in KUSD)
Hotel Firms 7,017,298 2,450,000 1,400,000 9,900,000
Restaurant Firms 10,500,000 2,000,000 889,970 8,200,000

Note. KUSD = thousands of U.S. dollars.
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comparison reduced sample size, with 12,570 observations 
in Model 2 (10,195 observations for asset-heavy firms, and 
2,375 for companies adopting a fee-oriented strategy) instead 
of 29,019 in Model 1. Firms following a fee-oriented strat-
egy over the whole period were excluded from the analysis, 
as they would have been part of the benchmark group and 
mixed with firms that remained asset-heavy over the whole 
sample period. We also included analyst, firm, and year fixed 
effects, and standard errors were clustered at the analyst 
level.15 All variables are defined in Appendix B.

Model 2 enabled us to better capture the effect of fee-ori-
ented strategies on analyst forecast accuracy by considering the 
decision to opt for a fee-oriented strategy as a “shock.” 

Furthermore, given that such a decision is not exogenous, 
including the inverse Mills ratio in the second step of the model 
captured the potential endogeneity underlying such a decision.

The results in Table 4 first indicate that ownership con-
centration, company size, and audit committee independence 
are all negatively associated with the probability of becom-
ing fee-oriented. In contrast, leverage, losses, abnormal 
accruals and beta are associated with a higher propensity to 
become fee-oriented. Note that in Column 1 of Table 4, sam-
ple size is 418 because we explained the decision to become 
fee-oriented using unique firm-year observations, which 
contrasted with the analysis of analyst forecast accuracy for 
which there were various forecasts per firm-year.

Table 3. Fee-Oriented Strategies and EPS Forecast Errors.

Dependent Variable:
Absolute Standardized Unexpected Earnings (ERROR)

 

Full Sample

Group-Wise Regressions

 
Firms With Concentrated 

Ownership
Firms With Diluted 

Ownership

  1 2 3 4

FEE_INCOME -0.85***
(-8.03)

-0.45***
(-4.05)

-1.38***
(-10.28)

-0.16
(-0.94)

OWN 0.11***
(4.50)

0.11***
(4.75)

 

FEE_INCOME*OWN -0.69***
(-6.56)

 

SIZE 0.03
(0.76)

0.04
(1.25)

0.21*
(1.82)

0.19***
(4.40)

LEVERAGE 0.21***
(4.05)

0.19***
(3.78)

0.18*
(1.72)

-1.18***
(-12.74)

LOSS 0.09
(1.38)

0.07
(1.13)

-0.06
(-0.87)

0.20***
(3.93)

MTB -0.00***
(-3.36)

-0.00
(-1.53)

0.00***
(3.01)

-0.01***
(-10.33)

AC_INDEP -0.15
(-1.04)

-0.18
(-1.27)

-0.17
(-1.16)

9.49***
(14.22)

ABSABNACC -0.85***
(-3.69)

-0.85***
(-3.63)

-1.46***
(-3.07)

-0.32
(-1.11)

BETA -0.32**
(-2.40)

-0.22*
(-1.65)

-0.69**
(-2.54)

-1.03***
(-4.53)

Constant 1.41***
(12.90)

1.31***
(11.83)

1.47***
(7.69)

2.54***
(22.97)

Analyst, Firm and Year FE Incl. Incl. Incl. Incl.
Observations 29,019 29,019 14,823 14,196
R-squared 0.10 0.11 0.18 0.17
F-statistic 17.11*** 24.58*** 8.58*** 14.38***

Note. OLS model. ERROR is the analysts’ earnings forecast error measured by standardized unexpected earnings. FEE_INCOME is the ratio of franchise 
and management fees divided by total revenue. OWN is a dummy variable equal to 1 if the percentage of voting rights owned by the biggest investor is 
larger than the sample median, and 0 otherwise. SIZE is the natural logarithm of total assets. LEVERAGE is equal to total debt divided by total assets. 
LOSS is a dummy variable equal to 1 if net income is negative, and 0 otherwise. MTB is the market-to-book ratio. AC_INDEP is a dummy variable equal 
to 1 if the audit committee is fully independent, and 0 otherwise. ABSABNACC measures earnings quality calculated as the absolute abnormal accruals 
following Francis and colleagues (2013). BETA is the sensitivity of a company’s stock returns to the market portfolio, calculated using 1 year of daily stock 
returns. Independent variables are mean-centered (except dummy variables). FE stands for fixed effects. Standard errors are adjusted for analyst clusters. 
T-statistics are reported in parentheses. ***, ** and * indicate statistical significance at the 1%, 5%, and 10% levels, respectively.
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Table 4. Fee-Oriented Strategies Adoption and EPS Forecasts Errors—Heckman Two-Stage Model.

Dependent Variable: 
FEE_ORIENTED

Dependent Variable:
ERROR

  First Stage Second Stage

  (1) (2) (3)

ADOPTION_YEAR -0.63* -0.77**
  (-1.81) (-2.12)
1Y_AFTER_ADOPTION -0.97*** -1.01***
  (-2.74) (-2.63)
2Y_AFTER_ADOPTION -0.78** -0.30
  (-2.29) (-0.80)
3Y_AFTER_ADOPTION -0.73** -0.52
  (-2.22) (-1.50)
ADOPTION_YEAR*OWN 0.37*
  (1.68)
1Y_AFTER_ADOPTION*OWN 0.14
  (0.56)
2Y_AFTER_ADOPTION*OWN -0.44*
  (-1.93)
3Y_AFTER_ADOPTION*OWN -0.35**
  (-2.00)
OWN -0.34*** 0.49*** 0.50***
  (-14.74) (7.23) (5.91)
SIZE -0.14*** 0.20*** 0.20***
  (-11.98) (3.64) (3.78)
LEVERAGE 2.73*** -2.11*** -2.36***
  (50.49) (-7.41) (-7.28)
LOSS 0.49*** 0.15 0.08
  (10.66) (1.34) (0.73)
AC_INDEP -2.09*** 0.98** 1.11**
  (-23.12) (2.32) (2.45)
ABSABNACC 4.99*** -4.21*** -5.04***
  (18.94) (-5.26) (-6.16)
BETA 3.91*** -3.07*** -3.20***
  (28.25) (-4.76) (-3.96)
IMR -0.74*** -0.86***
  (-3.93) (-4.00)
MTB 0.02***  
  (17.31)  
Constant -0.12*** 2.03*** 2.03***
  (-3.09) (6.40) (5.78)
Analyst, Firm, and Year FE Incl. Incl. Incl.
Observations 418 12,570 12,570
Pseudo-R-Squared / R-Squared 0.23 0.17 0.17
Wald Chi-Squared / F-Statistic 91.2*** 23.4*** 24.0***

Note. Heckman two-stage model. FEE_ORIENTED is a dummy variable equal to 1 for firms with a fee-income ratio greater than 0, and 0 otherwise. 
ERROR is the analysts’ earnings forecast error measured by standardized unexpected earnings. ADOPTION_YEAR is a dummy variable equal to 1 on 
the year of the adoption of a fee-oriented strategy, and 0 otherwise. 1Y_AFTER_ADOPTION, 2Y_AFTER_ADOPTION, and 3Y_AFTER_ADOPTION 
are dummy variables equal to 1 one year after, 2 years after or 3 years after the adoption of a fee-oriented strategy, and 0 otherwise. OWN is a dummy 
variable equal to 1 if the percentage of voting rights owned by the biggest investor is larger than the sample median, and 0 otherwise. SIZE is the natural 
logarithm of total assets. LEVERAGE is equal to total debt divided by total assets. LOSS is a dummy variable equal to 1 if net income is negative, and 0 
otherwise. MTB is the market-to-book ratio. AC_INDEP is a dummy variable equal to 1 if the audit committee is fully independent, and 0 otherwise. 
BETA is the sensitivity of a company’s stock returns to the market portfolio, calculated using 1 year of daily stock returns. ABSABNACC measures 
earnings quality calculated as the absolute abnormal accruals following Francis and colleagues (2013). IMR is the inverse Mills ratio. MTB is the market-
to-book ratio. Independent variables are mean-centered (except dummy variables). FE stands for fixed effects. Standard errors are adjusted for analyst 
clusters. T-statistics are reported in parentheses. ***, ** and * indicate statistical significance at the 1%, 5%, and 10% levels, respectively. 
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Looking at the second stage in Table 4, the results indicate 
a positive and significant association between analyst forecast 
accuracy and the year of the adoption of a fee-oriented strat-
egy as well as the years following the adoption (from the 
adoption year until 3 years after). Indeed, in Column 2, the 
coefficients on ADOPTION_YEAR, 1Y_AFTER_ADOPTION, 
2Y_AFTER_ADOPTION, and 3Y_AFTER_ADOPTION 
appear to be negative and significant, while the coefficient on 
OWN is positive and significant. In other words, these results 
suggest a positive impact of adopting a fee-oriented strategy 
on forecast accuracy for several years following the adoption, 
compared to firms that did not change their business model. 
This forecasting improvement already appeared on the year of 
the adoption and was still present 3 years after.

In Column 3, we included interactions between OWN and 
(post)adoption-year variables. The results indicate that, over-
all, analyst forecasts were more accurate on the year of the 
adoption and the year after, but significant differences across 
ownership structures appeared. Companies with concen-
trated ownership only started to enjoy greater analyst fore-
cast accuracy than their diluted counterparts 2 years after the 
adoption, which indicates a learning effect for analysts. 
When a firm with concentrated ownership adopted a fee-
oriented strategy, analysts made less accurate forecasts on 
the adoption year, and started to be more accurate only 2 
years after the adoption, which could be explained by the fact 
that it took some time for analysts to correctly incorporate 
this new information into their valuation models. For firms 
with diluted ownership, the benefits were most visible only 
during the first 2 years following the shift in business strat-
egy. Overall, these additional analyses provided further 
details into our main findings.

Robustness Tests

In Table 5, we replicated the tests of Table 3 using a Heckman 
two-stage model (Columns 1 and 2) and entropy balancing 
(Columns 3 and 4; Hainmueller, 2012). As explained by 
McMullin and Schonberger (2020, p. 84), “entropy balanc-
ing identifies weights for the control sample to equalize the 
distribution of determinants across treatment and control 
samples.” Such a statistical method identifies a control sam-
ple which is as close as possible to the treated sample in 
terms of observable covariates (McMullin & Schonberger, 
2022). Similar to propensity score matching techniques, 
entropy balancing is a method designed to address covariates 
imbalance, but it has the advantage of not reducing sample 
size. In our study, we defined the control group as asset-
heavy firms, and the treated group as fee-oriented firms.

In Columns 1 and 2 (Heckman model) and 3 and 4 
(entropy balancing) of Table 5, the results indicate that the 
coefficients on FEE_INCOME, OWN, and the interaction 
term are aligned with the main results of Table 3. We con-
cluded that our main findings were robust to alternative sta-
tistical methods.

Conclusion, Contributions, and 
Implications

Our study addressed an important gap in the literature, namely 
how business strategies impact the ability of financial ana-
lysts—who are among the main intermediaries between pub-
licly listed firms and investors—to forecast future performance 
across different ownership structures. Given that many hospi-
tality companies have decided to shift their business model 
towards the plural form (following a mix between equity-
based and fee-oriented strategies), we investigated whether 
this shift impacts analyst forecast accuracy, and if the effect of 
this change is conditional on the ownership structures of hos-
pitality firms. Our findings support the view that more stable 
cash flows stemming from the fee-oriented strategy enable 
analysts to make more accurate forecasts, especially for firms 
with concentrated ownership, which tend to be associated with 
more information asymmetries.

This study makes several contributions. First, by docu-
menting the impact of fee-oriented strategies on analyst fore-
cast accuracy, we contribute to the literature analyzing the 
consequences of business strategies on various outcomes 
(e.g., Andrew et  al., 2007; Choi et  al., 2018; Dogru et  al., 
2020; Gim & Jang, 2019; Li & Singal, 2019; Poretti & Blal, 
2020). Despite the potential increase in firm complexity 
related to the pursuit of ALFO strategies documented by 
Poretti and colleagues (2023), we show that fee-oriented 
strategies lead to more accurate analyst forecasts, meaning 
that from an outsider perspective, the benefits outweigh the 
costs. The findings also contribute to the debate around the 
pros and cons of fee-oriented strategies, and the fact that 
“considering this model as a one-size-fits-all solution is a 
fundamental flaw” (Blal & Bianchi, 2019, p. 40). From the 
perspective of a listed firm with significant analyst follow-
ing, fee-oriented strategies might have the advantage of 
reducing earnings surprises, which would not be the case 
with a private company that is not followed. Second, we con-
tribute to the literature on the economic consequences of 
concentrated ownership structures (Ajinkya et  al., 2005; 
Anderson & Reeb, 2003; Ding et  al., 2011; Schulze et  al., 
2003; Wang, 2006). The literature documents a negative 
relationship between ownership concentration and informa-
tion disclosure (Eng & Mak, 2003). Our study indicates that 
fee-oriented strategies can mitigate the information asymme-
try induced by ownership concentration, leading to a more 
favorable information disclosure environment. As such, we 
shed light on an unexpected “governance effect” induced by 
fee-oriented strategies. Third, we expand the literature on 
analyst forecast accuracy (e.g., Andersson & Hellman, 2007; 
Bradley et al., 2017; Chu & Zhai, 2021; Denis et al., 2003) 
by documenting the important role business strategies play 
in analyst forecast errors. Finally, by using an international 
sample of hospitality firms, our study answers the call from 
kim, noh, and lee (2019) asking for additional studies on fee-
oriented strategies using international data, thus extending 
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the contexts for research on fee-oriented strategies in hospi-
tality firms.

From a practical perspective, this study provides useful 
information for hospitality firms’ investors by showing that 
business strategies have a direct effect on financial analysts’ 
work, who are important actors of capital markets. Our find-
ings indicate that investors can trust analyst forecasts more 
for fee-oriented firms, as analysts make smaller forecasts 
errors for these firms. Furthermore, from a firm’s stakeholder 
standpoint (i.e., investors, creditors), our findings shed light 
on the fact that for an asset-heavy firm with concentrated 
ownership, adopting or increasing the reliance on a fee-ori-
ented strategy might enhance the firm’s information disclo-
sure environment by providing more accurate and relevant 

information regarding future performance. Such effect might 
be particularly important to minimize the expropriation of 
private benefits by majority blockholders at the expense of 
minority shareholders. Also, an increased level of transpar-
ency regarding future performance due to the pursuit of fee-
oriented strategies might play a role in improving CEO and 
CFO monitoring mechanisms and mitigate opportunistic 
behaviors such as earnings management practices.

For hospitality firms’ insiders, such as executives or board 
members, this study provides new insight into the conse-
quences of pursuing a fee-oriented strategy. The literature doc-
uments that analysts play a crucial role as information 
intermediaries for investors, especially for more complex firms 
(e.g., Lehavy et al., 2011). For a listed company, the ability to 

Table 5. Heckman Two-Stage Model and Entropy Balancing.

Dependent Variable: ERROR

 
Heckman Two-Stage

(Second Stage) Entropy Balancing

  (1) (2) (3) (4)

FEE_INCOME -0.91*** -0.52*** -0.72*** -0.38***
  (-8.72) (-4.78) (-14.89) (-6.86)
OWN 0.06** 0.07*** 0.11*** 0.12***
  (2.27) (2.75) (6.60) (6.96)
FEE_INCOME*OWN -0.65*** -0.57***
  (-6.35) (-9.32)
SIZE 0.02 0.04 -0.01 0.01
  (0.62) (1.27) (-0.26) (0.24)
LEVERAGE 0.41*** 0.35*** 0.15*** 0.13***
  (5.67) (4.93) (4.64) (4.01)
LOSS 0.17*** 0.14** 0.22*** 0.21***
  (2.61) (2.17) (6.36) (5.98)
AC_INDEP -0.47*** -0.43*** -0.23*** -0.25***
  (-2.65) (-2.59) (-3.38) (-3.70)
ABSABNACC -0.17 -0.28 -0.97*** -0.98***
  (-0.61) (-1.01) (-5.67) (-5.74)
BETA 0.23 0.24 -0.24*** -0.15*
  (1.36) (1.42) (-2.74) (-1.76)
IMR 0.31*** 0.25***  
  (4.73) (3.94)  
Constant 1.10*** 1.10*** 1.26*** 1.17***
  (7.97) (7.97) (31.95) (29.48)
Analyst, Firm, and Year FE Incl. Incl. Incl. Incl.
Observations 29,019 29,019 29,019 29,019
R-Squared 0.11 0.11 0.58 0.58
F-Statistic 18.9*** 18.9*** 105.4*** 112.6***

Note. ERROR is the analysts’ earnings forecast error measured by standardized unexpected earnings. FEE_INCOME is the ratio of franchise and 
management fees divided by total revenue. OWN is a dummy variable equal to 1 if the percentage of voting rights owned by the biggest investor is 
larger than the sample median, and 0 otherwise. SIZE is the natural logarithm of total assets. LEVERAGE is equal to total debt divided by total assets. 
LOSS is a dummy variable equal to 1 if net income is negative, and 0 otherwise. AC_INDEP is a dummy variable equal to 1 if the audit committee is fully 
independent, and 0 otherwise. BETA is the sensitivity of a company’s stock returns to the market portfolio, calculated using 1 year of daily stock returns. 
ABSABNACC measures earnings quality calculated as the absolute abnormal accruals following Francis and colleagues (2013). IMR is the inverse Mills 
ratio. Independent variables are mean-centered (except dummy variables). FE stands for fixed effects. Standard errors are adjusted for analyst clusters. 
T-statistics are reported in parentheses. ***, ** and * indicate statistical significance at the 1%, 5%, and 10% levels, respectively.
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disclose to stakeholders clearer information regarding future 
performance implies less reliance on analyst work, and poten-
tially less uncertainty and less market pressure. Such reduced 
uncertainty might enable firms to attract investors more easily 
and, thus, reduce cost of capital. Furthermore, from a planning 
perspective, the ability to forecast future profitability more 
accurately is essential from a risk management standpoint. If 
fee-oriented strategies make analyst forecasts more accurate, 
the accuracy of the budgeting process within fee-oriented firms 
might also be improved. This point should not be neglected 
when deciding to pursue, or not, a fee-oriented strategy.

Our study is not without limitations. First, we focus on 
hotel and restaurant firms, which might limit the generaliz-
ability of our findings to other hospitality sub-industries, 
such as cruise liners, casinos and gaming, travel and lei-
sure, or airlines. Nevertheless, the limited adoption of fee-
oriented strategies by other hospitality sub-industries 
makes their inclusion in the analysis difficult and question-
able. Moreover, the heterogeneity underlying our sample 
should be kept in mind. Significant differences exist when 
comparing hotel to restaurant firms, but also across restau-
rant firms. Future studies might contribute to ours by focus-
ing on the restaurant industry specifically. Next, due to data 
availability, our sample exclusively focuses on Europe and 
North America, while future studies may include Asian 
countries to further understand how different institutional 
contexts impact our results. Last but not least, our sample 
period stops in 2019 to avoid the effect of the COVID-19 
crisis. Future studies may include more recent years to 
investigate how the association between analyst forecast 
accuracy and business strategies was affected by the 
COVID-19 crisis.
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Notes

  1.	 Even if the information environment improves for firms both 
with concentrated and diluted ownerships, we assume that 
this effect is stronger for firms with concentrated ownership 
because of their poor disclosure quality.

  2.	 Other sources of revenue may include (non-exhaustive) rev-
enues from owned and leased properties, company-operated 

restaurants, marketing and reservation systems, and/or other 
revenue.

  3.	 In the initial sample, only three hotel and restaurant firms were 
not from Europe or North America (one was from Uruguay, 
and two from China).

  4.	 In total, we documented 1,522 different analyst-firm pairs, as 
one analyst can cover several firms, and one firm can be cov-
ered by several analysts. Overall, our sample included 5,990 
analyst-firm-years (one analyst can make several forecasts for 
one firm-year). Most analysts provided four estimates on a 
given year for a given firm.

  5.	 The European countries included in the sample are France, 
Spain, and the United Kingdom. Appendix A (see the online 
supplemental material) presents the observations per company.

  6.	 Our sample included both hotel and restaurant firms. For res-
taurant firms, fee-income was mainly derived from franchis-
ing, while for hotel firms, fees could also be generated through 
management contracts.

  7.	 Independent audit committees were composed of independent 
members exclusively. According to the Securities and Exchange 
Commission’s “Standards on Director Independence” (page 1) 
individuals sitting on the board of directors “an independent 
director is one who is free of any material relationship with the 
Company or its management.” https://www.sec.gov/Archives/
edgar/data/96287/000095013407012841/d47290exv99.htm

  8.	 Note that we did not include hotel and country fixed effects 
because firm fixed effects account for firm-specific character-
istics such as the fact that the firm was a hotel group or its 
country of incorporation. Regarding analyst-specific charac-
teristics, analyst fixed effects captured all characteristics that 
did not vary over time.

  9.	 Dividing sample size (29,019) by firm-year observations (402) 
gives an average of 72 forecasts. However, these forecasts are 
not from 72 different analysts, as some analysts may have 
made various forecasts about a given firm in a given year.

10.	 For sampled hotel firms, the fees were equally generated 
through management contracts and franchising, while for res-
taurant firms, close to 100% of fees were generated through 
franchising.

11.	 In untabulated tests, we replicated the tests of Table 3 using 
an alternative forecast accuracy measure, namely ABS_EPS_
ERROR (the EPS forecast error scaled by the firm’s stock 
price), and the results hold.

12.	 In Table 3, the benchmark was composed of firms with a fee-
income ratio equal to 0. In untabulated tests, we replicated 
Table 3 using fee-oriented firms only (excluding firms that 
have a fee-income ratio of 0), and the results held. Moreover, 
to mitigate the concern that our results are driven by reputa-
tion, we ran group-wise regressions based on analyst follow-
ing (firms with high vs. low analyst following). The results 
held for both groups.

13.	 Given the different characteristics of hotel and restaurant firms, 
we ran additional analyses (untabulated) focusing on two sub-
samples (hotel and restaurant firms). The results appeared to 
be in line with the main ones for both sub-groups.

14.	 In Model 2, firm-year observations of companies that are 
asset-heavy throughout the whole sample period were com-
pared to firm-year observations of companies that adopted a 
fee-oriented strategy. For the latter group of firms, we kept 
only observations ranging from the adoption year to 3 years 
following the adoption.

https://orcid.org/0000-0001-6414-8758
https://orcid.org/0000-0002-3459-3049
https://www.sec.gov/Archives/edgar/data/96287/000095013407012841/d47290exv99.htm
https://www.sec.gov/Archives/edgar/data/96287/000095013407012841/d47290exv99.htm
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15.	 Additional (untabulated) analyses showed that clustering 
standard errors at the analyst-firm level had no impact on our 
findings.

References 

Ajinkya, B., Bhojraj, S., &  Sengupta, P. (2005). The associa-
tion between outside directors, institutional investors and 
the properties of management earnings forecasts. Journal of 
Accounting Research, 43, 343–376. https://doi.org/10.1111/
j.1475-679x.2005.00174.x

Akerlof, G. A. (1970). The market for “lemons”: Quality uncer-
tainty and the market mechanism. The Quarterly Journal of 
Economics, 84(3), 488–500.

Anderson, R., &  Reeb, D. (2003). Founding-family ownership 
and firm performance: Evidence from the S&P 500. Journal 
of Finance, 58, 1301–1328. https://doi.org/10.1111/1540-
6261.00567

Andersson, P., &  Hellman, N. (2007). Does pro forma reporting 
bias analyst forecasts? The European Accounting Review, 
16(2), 277–298. https://doi.org/10.1080/09638180701390966

Andrew, W. P., Schmidgall, R. S., &  Damitio, J. W. (2007). 
Financial management for the hospitality industry. Pearson 
Education.

Asquith, P., Mikhail, M. B., &  Au, A. S. (2005). Information con-
tent of equity analyst reports. Journal of Financial Economics, 
75(2), 245–282. https://doi.org/10.1016/j.jfineco.2004.01.002

Ayers, B. C., Ramalingegowda, S., &  Yeung, P. E. (2011). 
Hometown advantage: The effects of monitoring institution 
location on financial reporting discretion. Journal of Accounting 
& Economics, 52(1), 41–61. https://doi.org/10.1016/j.jac-
ceco.2011.03.003

Bentley-Goode, K. A., Omer, T. C., &  Twedt, B. J. (2019). Does 
business strategy impact a firm’s information environment? 
Journal of Accounting, Auditing & Finance, 34(4), 563–587. 
https://doi.org/10.1177/0148558X17726893

Bhat, G., Hope, O., &  Kang, T. (2006). Does corporate gov-
ernance transparency affect the accuracy of analyst fore-
casts? Accounting & Finance, 46(5), 715–732. https://doi.
org/10.1111/j.1467-629X.2006.00191.x

Bhushan, R. (1989). Firm characteristics and analyst follow-
ing. Journal of Accounting & Economics, 11(2–3), 255–274. 
https://doi.org/10.1016/0165-4101(89)90008-6

Blal, I., &  Bianchi, G. (2019). The asset light model: A blind spot 
in hospitality research. International Journal of Hospitality 
Management, 76(A), 39–42. https://doi.org/10.1016/j.
ijhm.2018.02.021

Bradach, J. L., &  Eccles, R. G. (1989). Price, authority, and 
trust: From ideal types to plural forms. Annual Review of 
Sociology, 15(1), 97–118. https://doi.org/10.1146/annurev.
so.15.080189.000525

Bradley, D., Gokkaya, S., &  Liu, X. (2017). Before an analyst 
becomes an analyst: Does industry experience matter? Journal 
of Finance, 72(2), 751–792. https://doi.org/10.1111/jofi.12466

Bradshaw, M. T. (2002). The use of target prices to justify sell-side 
analysts’ stock recommendations. Accounting Horizons, 16(1), 
27–41. https://doi.org/10.2308/acch.2002.16.1.27

Bradshaw, M. T., Drake, M. S., Myers, J. N., &  Myers, L. A. (2012). 
A re-examination of analysts’ superiority over time-series fore-
casts of annual earnings. Review of Accounting Studies, 17(4), 
944–968. https://doi.org/10.1007/s11142-012-9185-8

Bushee, B. J. (1998). The influence of institutional investors on 
myopic R&D investment behavior. The Accounting Review, 
73(3), 305–333. https://www.jstor.org/stable/248542

Bushman, R. M., &  Smith, A. J. (2001). Financial accounting 
information and corporate governance. Journal of Accounting 
& Economics, 32(1–3), 237–333. https://doi.org/10.1016/
S0165-4101(01)00027-1

Capstaff, J., Paudyal, K., &  Rees, W. (2001). A comparative 
analysis of earnings forecasts in Europe. Journal of Business, 
Finance, & Accounting, 28(5–6), 531–562. https://doi.
org/10.1111/1468-5957.00384

Cen, L., Hilary, G., &  Wei, K. C. J. (2013). The role of anchor-
ing bias in the equity market: Evidence from analysts’ earnings 
forecasts and stock returns. Journal of Financial & Quantitative 
Analysis, 48(1), 47–76. https://www.jstor.org/stable/43303792

Certo, S. T., Busenbark, J. R., Woo, H.-S., &  Semadeni, M. (2016). 
Sample selection bias and Heckman models in strategic man-
agement research. Strategic Management Journal, 37(13), 
2639–2657. https://doi.org/10.1002/smj.2475

Chan, J., Lin, S., Yu, Y., &  Zhao, W. (2018). Analysts’ stock own-
ership and stock recommendations. Journal of Accounting & 
Economics, 66(2–3), 476–498. https://doi.org/10.1016/j.jac-
ceco.2018.08.010

Chen, M.-H., Kim, W. G., &  Kim, H. J. (2005). The impact of 
macroeconomic and non-macroeconomic forces on hotel stock 
returns. International Journal of Hospitality Management, 
24(2), 243–258. https://doi.org/10.1016/j.ijhm.2004.06.008

Choi, S., Lee, S., Choi, K., &  Sun, K. A. (2018). Investment–cash 
flow sensitivities of restaurant firms: A moderating role of 
franchising. Tourism Economics, 24(5), 560–575. https://doi.
org/10.1177/1354816618759201

Chu, K. C. K., &  Zhai, W. H. S. (2021). Distress risk puzzle and analyst 
forecast optimism. Review of Quantitative Finance & Accounting, 
57, 429–460. https://doi.org/10.1007/s11156-020-00950-5

Clement, M. B. (1999). Analyst forecast accuracy: Do abil-
ity, resources, and portfolio complexity matter? Journal 
of Accounting & Economics, 27(3), 285–303. https://doi.
org/10.1016/S0165-4101(99)00013-0

Combs, J. G., Ketchen, D. J., &  Short, J. C. (2011). Franchising 
research: Major milestones, new directions, and its future within 
entrepreneurship. Entrepreneurship Theory & Practice, 35(3), 
413–425. https://doi.org/10.1111/j.1540-6520.2011.00443.x

Cornett, M. M., Marcus, A. J., &  Tehranian, H. (2008). Corporate 
governance and pay-for-performance: The impact of earnings 
management. Journal of Financial Economics, 87(2): 357–73. 
https://doi.org/10.1016/j.jfineco.2007.03.003

Denis, D., Mcconnell, J. J., Ovtchinnikov, A. V., &  Yu, Y. (2003). 
S&P 500 index additions and earnings expectations. Journal 
of Finance, 58(5), 1821–1840. https://doi.org/10.1111/1540-
6261.00589

Dichev, I. D., &  Tang, V. W. (2009). Earnings volatil-
ity and earnings predictability. Journal of Accounting & 
Economics, 47(1–2), 160–181. https://doi.org/10.1016/j.
jacceco.2008.09.005

Ding, S., Qu, B., &  Zhuang, Z. (2011). Accounting properties of 
Chinese family firms. Journal of Accounting, Auditing & Finance, 
26(4), 623–640. https://doi.org/10.1177/0148558X11409147

Dogru, T., Kizildag, M., Ozdemir, O., &  Erdogan, A. (2020). 
Acquisitions and shareholders’ returns in restaurant firms: The 
effects of free cash flow, growth opportunities, and franchising. 

https://doi.org/10.1111/j.1475-679x.2005.00174.x
https://doi.org/10.1111/j.1475-679x.2005.00174.x
https://doi.org/10.1111/1540-6261.00567
https://doi.org/10.1111/1540-6261.00567
https://doi.org/10.1080/09638180701390966
https://doi.org/10.1016/j.jfineco.2004.01.002
https://doi.org/10.1016/j.jacceco.2011.03.003
https://doi.org/10.1016/j.jacceco.2011.03.003
https://doi.org/10.1177/0148558X17726893
https://doi.org/10.1111/j.1467-629X.2006.00191.x
https://doi.org/10.1111/j.1467-629X.2006.00191.x
https://doi.org/10.1016/0165-4101(89)90008-6
https://doi.org/10.1016/j.ijhm.2018.02.021
https://doi.org/10.1016/j.ijhm.2018.02.021
https://doi.org/10.1146/annurev.so.15.080189.000525
https://doi.org/10.1146/annurev.so.15.080189.000525
https://doi.org/10.1111/jofi.12466
https://doi.org/10.2308/acch.2002.16.1.27
https://doi.org/10.1007/s11142-012-9185-8
https://www.jstor.org/stable/248542
https://doi.org/10.1016/S0165-4101(01)00027-1
https://doi.org/10.1016/S0165-4101(01)00027-1
https://doi.org/10.1111/1468-5957.00384
https://doi.org/10.1111/1468-5957.00384
https://www.jstor.org/stable/43303792
https://doi.org/10.1002/smj.2475
https://doi.org/10.1016/j.jacceco.2018.08.010
https://doi.org/10.1016/j.jacceco.2018.08.010
https://doi.org/10.1016/j.ijhm.2004.06.008
https://doi.org/10.1177/1354816618759201
https://doi.org/10.1177/1354816618759201
https://doi.org/10.1007/s11156-020-00950-5
https://doi.org/10.1016/S0165-4101(99)00013-0
https://doi.org/10.1016/S0165-4101(99)00013-0
https://doi.org/10.1111/j.1540-6520.2011.00443.x
https://doi.org/10.1016/j.jfineco.2007.03.003
https://doi.org/10.1111/1540-6261.00589
https://doi.org/10.1111/1540-6261.00589
https://doi.org/10.1016/j.jacceco.2008.09.005
https://doi.org/10.1016/j.jacceco.2008.09.005
https://doi.org/10.1177/0148558X11409147


14	 Journal of Hospitality & Tourism Research 00(0)

International Journal of Hospitality Management, 84, Article 
102327. https://doi.org/10.1016/j.ijhm.2019.102327

El Akremi, A., Perrigot, R., &  Piot, I. (2015). Examining the drivers 
for franchised chains performance through the lens of the dynamic 
capabilities approach. Journal of Small Business Management, 
53(1), 145–165. https://doi.org/10.1111/jsbm.12059

Eng, L. L., &  Mak, Y. T. (2003). Corporate governance and volun-
tary disclosure. Journal of Accounting & Public Policy, 22(4), 
325–345. https://doi.org/10.1016/S0278-4254(03)00037-1

Fichtner, J., Heemskerk, E., &  Garcia-Bernardo, J. (2017). Hidden 
power of the Big Three? Passive index funds, re-concentration 
of corporate ownership, and new financial risk. Business & 
Politics, 19(2), 298–326. https://doi.org/10.1017/bap.2017.6

Francis, J. R., &  Michas, P. N. (2013). The contagion effect of low-
quality audits. The Accounting Review, 88(2), 521–552. https://
doi.org/10.2308/accr-50322

Francis, J. R., Michas, P. N., & Seavey, S. E. (2013). Does audit 
market concentration harm the quality of audited earnings? 
Evidence from audit markets in 42 countries. Contemporary 
Accounting Research, 30(1), 325–35.

Geringer, M. J., Beamish, P. W., &  Dacosta, R. C. (1989). 
Diversification strategy and internationalization: Implications 
for MNE performance. Strategic Management Journal, 10(2), 
109–119. https://doi.org/10.1002/smj.4250100202

Gim, J., Choi, K., & Jang, S. S. (2019). Do franchise firms man-
age their earnings more? Investigating the earnings man-
agement of restaurant firms. International Journal of 
Hospitality Management, 79, 70–77. https://doi.org/10.1016/j.
ijhm.2018.12.013

Gim, J., &  Jang, S. S. (2019). Heterogeneous dividend behav-
iors: The role of restaurant franchising. International Journal 
of Hospitality Management, 80, 183–191. https://doi.
org/10.1016/j.ijhm.2018.10.009

Gleason, C. A., Bruce Johnson, W., &  Li, H. (2013). Valuation 
model use and the price target performance of sell-side equity 
analysts. Contemporary Accounting Research, 30(1), 80–115. 
https://doi.org/10.1111/j.1911-3846.2011.01142.x

Green, J., Hand, J. R. M., &  Zhang, X. F. (2016). Errors and 
questionable judgments in analysts’ DCF models. Review of 
Accounting Studies, 21(2), 596–632. https://doi.org/10.1007/
s11142-016-9352-4

Hainmueller, J. (2012). Entropy balancing for causal effects: A 
multivariate reweighting method to produce balanced samples 
in observational studies. Political Analysis, 20(1), 25–46. 
https://doi.org/10.1093/pan/mpr025

Harris, R. D. F. (1999). The accuracy, bias, and efficiency of ana-
lysts’ long run earnings growth forecasts. Journal of Business, 
Finance, & Accounting, 26(5–6), 725–755. https://doi.
org/10.1111/1468-5957.00273

Heckman, J. J. (1979). Sample selection as a specification error. 
Econometrica, 47, 153–161. https://doi.org/10.2307/1912352

Hermalin, B. E., &  Weisbach, M. S. (2012). Information disclosure 
and corporate governance. Journal of Finance, 67(1), 195–233. 
https://doi.org/10.1111/j.1540-6261.2011.01710.x

Hitt, M. A., Hoskisson, R. E., &  Kim, H. (1997). International 
diversification: Effects on innovation and firm performance in 
product-diversified firms. Academy of Management Journal, 
40(4), 767–798. https://www.jstor.org/stable/256948

Hodgkinson, L. (2001). Analysts’ forecasts and the broker relation-
ship. Journal of Business, Finance, & Accounting, 28(7–8), 
943–961. https://doi.org/10.1111/1468-5957.00399

Holland, J. B. (1998). Private disclosure and financial reporting. 
Accounting & Business Research, 28(4), 255–269. https://doi.
org/10.1080/00014788.1998.9728914

Hope, O. (2003). Disclosure practices, enforcement of account-
ing standards, and analysts’ forecast accuracy: An interna-
tional study. Journal of Accounting Research, 41(2), 235–272. 
https://doi.org/10.1111/1475-679X.00102

Hsu, L.-T. J., &  Jang, S. S. (2009). Effects of restaurant franchis-
ing: Does an optimal franchise proportion exist? International 
Journal of Hospitality Management, 28(2), 204–211. https://
doi.org/10.1016/j.ijhm.2008.07.002

Hua, N., &  Upneja, A. (2007). Going international? Important 
factors executives should consider! International Journal 
of Contemporary Hospitality Management, 19(7), 537–545. 
https://doi.org/10.1108/09596110710818284

Hussain, S. (2010). UK security analysts’ idiosyncratic factors and 
predictive ability. Applied Financial Economics, 20, 1195–
1203. https://doi.org/10.1080/09603101003800818

Iacobucci, D., Schneider, M. J., Popovich, D. L., &  Bakamitsos, 
G. A. (2016). Mean centering helps alleviate “micro” but not 
“macro” multicollinearity. Behavior Research Methods, 48, 
1308–1317. https://doi.org/10.3758/s13428-015-0624-x

Jacob, J., Lys, T. Z., &  Neale, M. A. (1999). Expertise in forecast-
ing performance of security analysts. Journal of Accounting 
& Economics, 28(1), 51–82. https://doi.org/10.1016/S0165-
4101(99)00016-6

Kahneman, D., &  Tversky, A. (1973). On the psychology of pre-
diction. Psychological Review, 80(4), 237. https://psycnet.apa.
org/doi/10.1037/h0034747

Kim, J. B., Nekrasov, A., Shroff, P. K., &  Simon, A. (2019). 
Valuation implications of unconditional accounting conser-
vatism: Evidence from analysts’ target prices. Contemporary 
Accounting Research, 36(3), 1669–1698. https://doi.
org/10.1111/1911-3846.12465

Kim, S. H., Noh, S., &  Lee, S. K. (2019). Asset-light strategy and 
real estate risk of lodging C−corps and REITs. International 
Journal of Hospitality Management, 78, 214–222. https://doi.
org/10.1016/j.ijhm.2018.09.004

Koh, Y., Rhou, Y., Lee, S., &  Singal, M. (2018). Does franchis-
ing alleviate restaurants’ vulnerability to economic conditions? 
Journal of Hospitality & Tourism Research, 42(4), 627–648. 
https://doi.org/10.1177/1096348015619411

Kross, W., Ro, B., &  Schroeder, D. (1990). Earnings expectations: 
The analysts’ information advantage. The Accounting Review, 
65(2), 461–476. https://www.jstor.org/stable/247634

Lawrence, B., &  Perrigot, R. (2015). Influence of organizational 
form and customer type on online customer satisfaction ratings. 
Journal of Small Business Management, 53, 58–74. https://doi.
org/10.1111/jsbm.12184

Lehavy, R., Li, F., &  Merkley, K. (2011). The effect of annual report 
readability on analyst following and the properties of their earn-
ings forecasts. The Accounting Review, 86(3), 1087–1115.

Leung, W. K., &  Lee, T. S. (2006). Institutional investors and 
the Monday effect on tourism stocks. International Journal 
of Hospitality Management, 25(3), 348–372. https://doi.
org/10.1016/j.ijhm.2005.02.005

Leuz, C., &  Verrecchia, R. E. (2000). The economic consequences 
of increased disclosure. Journal of Accounting Research, 38, 
91–124. https://doi.org/10.2307/2672910

Leuz, C., &  Wysocki, P. D. (2008). Economic consequences of 
financial reporting and disclosure regulation: A review and 

https://doi.org/10.1016/j.ijhm.2019.102327
https://doi.org/10.1111/jsbm.12059
https://doi.org/10.1016/S0278-4254(03)00037-1
https://doi.org/10.1017/bap.2017.6
https://doi.org/10.2308/accr-50322
https://doi.org/10.2308/accr-50322
https://doi.org/10.1002/smj.4250100202
https://doi.org/10.1016/j.ijhm.2018.12.013
https://doi.org/10.1016/j.ijhm.2018.12.013
https://doi.org/10.1016/j.ijhm.2018.10.009
https://doi.org/10.1016/j.ijhm.2018.10.009
https://doi.org/10.1111/j.1911-3846.2011.01142.x
https://doi.org/10.1007/s11142-016-9352-4
https://doi.org/10.1007/s11142-016-9352-4
https://doi.org/10.1093/pan/mpr025
https://doi.org/10.1111/1468-5957.00273
https://doi.org/10.1111/1468-5957.00273
https://doi.org/10.2307/1912352
https://doi.org/10.1111/j.1540-6261.2011.01710.x
https://www.jstor.org/stable/256948
https://doi.org/10.1111/1468-5957.00399
https://doi.org/10.1080/00014788.1998.9728914
https://doi.org/10.1080/00014788.1998.9728914
https://doi.org/10.1111/1475-679X.00102
https://doi.org/10.1016/j.ijhm.2008.07.002
https://doi.org/10.1016/j.ijhm.2008.07.002
https://doi.org/10.1108/09596110710818284
https://doi.org/10.1080/09603101003800818
https://doi.org/10.3758/s13428-015-0624-x
https://doi.org/10.1016/S0165-4101(99)00016-6
https://doi.org/10.1016/S0165-4101(99)00016-6
https://psycnet.apa.org/doi/10.1037/h0034747
https://psycnet.apa.org/doi/10.1037/h0034747
https://doi.org/10.1111/1911-3846.12465
https://doi.org/10.1111/1911-3846.12465
https://doi.org/10.1016/j.ijhm.2018.09.004
https://doi.org/10.1016/j.ijhm.2018.09.004
https://doi.org/10.1177/1096348015619411
https://www.jstor.org/stable/247634
https://doi.org/10.1111/jsbm.12184
https://doi.org/10.1111/jsbm.12184
https://doi.org/10.1016/j.ijhm.2005.02.005
https://doi.org/10.1016/j.ijhm.2005.02.005
https://doi.org/10.2307/2672910


Poretti et al. / Fee-oriented strategies and analyst forecast accuracy 	 15

suggestions for future research. SSRN. https://doi.org/10.2139/
ssrn.1105398

Li, Y., &  Singal, M. (2019). Capital structure in the hospitality 
industry: The role of the asset-light and fee-oriented strategy. 
Tourism Management, 70, 124–133. https://doi.org/10.1016/j.
tourman.2018.08.004

Lourie, B. (2019). The revolving door of sell-side analysts. The 
Accounting Review, 94(1), 249–270. https://doi.org/10.2308/
accr-52110

Madanoglu, M., Castrogiovanni, G. J., &  Kizildag, M. (2019). 
Franchising and firm risk among restaurants. International 
Journal of Hospitality Management, 83, 236–246. https://doi.
org/10.1016/j.ijhm.2018.10.021

Märklin, P., &  Bianchi, G. (2022). A differentiated approach to the asset-
light model in the hotel industry. Cornell Hospitality Quarterly, 
63(3), 313–319. https://doi.org/10.1177/19389655211006076

Masset, P., Uzelac, I., &  Weisskopf, J. P. (2019). Family ownership, 
asset levels, and firm performance in Western European hospi-
tality companies. Journal of Hospitality & Tourism Research, 
43(6), 867–889. https://doi.org/10.1177/1096348019849665

McMullin, J. L., &  Schonberger, B. (2020). Entropy-balanced 
accruals. Review of Accounting Studies, 25(1), 84–119. https://
doi.org/10.1007/s11142-019-09525-9

McMullin, J. L., &  Schonberger, B. (2022). When good balance 
goes bad: A discussion of common pitfalls when using entropy 
balancing. Journal of Financial Reporting, 7(1), 167–196. 
https://doi.org/10.2308/JFR-2021-007

Mehran, H., &  Stulz, R. M. (2007). The economics of conflicts of 
interest in financial institutions. Journal of Financial Economics, 
85(2), 267–296. https://doi.org/10.1016/j.jfineco.2006.11.001

Mikhail, M. B., Walther, B. R., &  Willis, R. H. (1997). Do secu-
rity analysts improve their performance with experience? 
Journal of Accounting Research, 35, 131–157. https://doi.
org/10.2307/2491458

Muslu, V., Mutlu, S., Radhakrishnan, S., &  Tsang, A. (2019). 
Corporate social responsibility report narratives and analyst 
forecast accuracy. Journal of Business Ethics, 154(4), 1119–
1142. https://doi.org/10.1007/s10551-016-3429-7

Oak, S., &  Dalbor, M. C. (2008a). The impact of dividend policy 
on institutional holdings: Hotel reits and non-reit hotel corpo-
rations. Journal of Hospitality Financial Management, 16(1), 
1–17. https://doi.org/10.1080/10913211.2008.10653845

Oak, S., &  Dalbor, M. C. (2008b). Institutional investor preferences for 
lodging stocks. International Journal of Hospitality Management, 
27(1), 3–11. https://doi.org/10.1016/j.ijhm.2007.06.003

Oak, S., &  Dalbor, M. C. (2010). Do institutional investors favor 
firms with greater brand equity? An empirical investigation 
of investments in US lodging firms. International Journal of 
Contemporary Hospitality Management, 22(1), 24–40. https://
doi.org/10.1108/09596111011013453

Oak, S., &  Upneja, A. (2009). Institutional investors and interna-
tional diversification in the U.S. restaurant industry. Journal of 
Hospitality Financial Management, 17(2), 19–34. https://doi.
org/10.1080/10913211.2009.10653875

Poretti, C., &  Blal, I. (2020). The asset-light strategies and the divi-
dend puzzle: International evidence from the hospitality indus-
try. International Journal of Hospitality Management, 91, 
Article 102639. https://doi.org/10.1016/j.ijhm.2020.102639

Poretti, C., &  Heo, C. Y. (2022a). Asset-light strategies and stock 
market reactions to COVID-19’s pandemic announcement: 

The case of hospitality firms. Tourism Economics, 28(6), 
1692–1701. https://doi.org/10.1177/13548166211005198

Poretti, C., &  Heo, C. Y. (2022b). COVID-19 and firm value driv-
ers in the tourism industry. Annals of Tourism Research, 95, 
Article 103433. https://doi.org/10.1016/j.annals.2022.103433

Poretti, C., Jérôme, T., &  Heo, C. Y. (2023). Business strate-
gies and financial reporting complexity in hospitality 
firms, 110, 103429. International Journal of Hospitality 
Management, 110, Article 103429. https://doi.org/10.1016/j.
ijhm.2023.103429

Rajgopal, S., &  Venkatachalam, M. (1997). The role of institu-
tional investors in corporate governance: An empirical investi-
gation (Working Paper No. 1436). Stanford University. https://
www.gsb.stanford.edu/faculty-research/working-papers/role-
institutional-investors-corporate-governance-empirical

Ramalingegowda, S., Utke, S., &  Yu, Y. (2021). Common insti-
tutional ownership and earnings management. Contemporary 
Accounting Research, 38(1), 208–241. https://doi.
org/10.1111/1911-3846.12628

Revsine, L. D., Collins, D. W., &  Johnson, W. B. (2004). Financial 
reporting and analysis (2nd ed.). Prentice Hall.

Rodríguez-Pérez, G., &  Van Hemmen, S. (2010). Debt, diversi-
fication and earnings management. Journal of Accounting & 
Public Policy, 29(2), 138–159. https://doi.org/10.1016/j.jac-
cpubpol.2009.10.005

Roger, T., Roger, P., &  Schatt, A. (2018). Behavioral bias in num-
ber processing: Evidence from analysts’ expectations. Journal 
of Economic Behavior & Organization, 149, 315–331. https://
doi.org/10.1016/j.jebo.2018.02.026

Roh, Y. S. (2002). Size, growth rate and risk sharing as the deter-
minants of propensity to franchise in chain restaurants. 
International Journal of Hospitality Management, 21(1), 43–
56. https://doi.org/10.1016/S0278-4319(01)00014-7

Schulze, W. S., Lubatkin, M. H., &  Dino, R. N. (2003). 
Exploring the agency consequences of ownership disper-
sion among the directors of private family firms. Academy 
of Management Journal, 46(2), 179–194. https://www.jstor.
org/stable/30040613

Schulze, W. S., Lubatkin, M. H., Dino, R. N., &  Buchholtz, A. 
K. (2001). Agency relationships in family firms: Theory and 
evidence. Organization Science, 12(2), 99–116. https://doi.
org/10.1287/orsc.12.2.99.10114

Shleifer, A., &  Vishny, R. W. (1986). Large shareholders and cor-
porate control. Journal of Political Economy, 94(3, Part 1), 
461–488. https://www.jstor.org/stable/1833044

Singal, M. (2012). Effect of consumer sentiment on hospital-
ity expenditures and stock returns. International Journal 
of Hospitality Management, 31(2), 511–521. https://doi.
org/10.1016/j.ijhm.2011.07.009

Singal, M. (2014). Corporate social responsibility in the hos-
pitality and tourism industry: Do family control and finan-
cial condition matter? International Journal of Hospitality 
Management, 36, 81–89. https://doi.org/10.1016/j.ijhm.2013. 
08.002

So, E. C. (2013). A new approach to predicting analyst forecast 
errors: Do investors overweight analyst forecasts? Journal of 
Financial Economics, 108(3), 615–640. https://doi.org/10.1016/j.
jfineco.2013.02.002

Sohn, J., Tang, C.-H. H., &  Jang, S. S. (2013). Does the asset-
light and fee-oriented strategy create value? International 

https://doi.org/10.2139/ssrn.1105398
https://doi.org/10.2139/ssrn.1105398
https://doi.org/10.1016/j.tourman.2018.08.004
https://doi.org/10.1016/j.tourman.2018.08.004
https://doi.org/10.2308/accr-52110
https://doi.org/10.2308/accr-52110
https://doi.org/10.1016/j.ijhm.2018.10.021
https://doi.org/10.1016/j.ijhm.2018.10.021
https://doi.org/10.1177/19389655211006076
https://doi.org/10.1177/1096348019849665
https://doi.org/10.1007/s11142-019-09525-9
https://doi.org/10.1007/s11142-019-09525-9
https://doi.org/10.2308/JFR-2021-007
https://doi.org/10.1016/j.jfineco.2006.11.001
https://doi.org/10.2307/2491458
https://doi.org/10.2307/2491458
https://doi.org/10.1007/s10551-016-3429-7
https://doi.org/10.1080/10913211.2008.10653845
https://doi.org/10.1016/j.ijhm.2007.06.003
https://doi.org/10.1108/09596111011013453
https://doi.org/10.1108/09596111011013453
https://doi.org/10.1080/10913211.2009.10653875
https://doi.org/10.1080/10913211.2009.10653875
https://doi.org/10.1016/j.ijhm.2020.102639
https://doi.org/10.1177/13548166211005198
https://doi.org/10.1016/j.annals.2022.103433
https://doi.org/10.1016/j.ijhm.2023.103429
https://doi.org/10.1016/j.ijhm.2023.103429
https://www.gsb.stanford.edu/faculty-research/working-papers/role-institutional-investors-corporate-governance-empirical
https://www.gsb.stanford.edu/faculty-research/working-papers/role-institutional-investors-corporate-governance-empirical
https://www.gsb.stanford.edu/faculty-research/working-papers/role-institutional-investors-corporate-governance-empirical
https://doi.org/10.1111/1911-3846.12628
https://doi.org/10.1111/1911-3846.12628
https://doi.org/10.1016/j.jaccpubpol.2009.10.005
https://doi.org/10.1016/j.jaccpubpol.2009.10.005
https://doi.org/10.1016/j.jebo.2018.02.026
https://doi.org/10.1016/j.jebo.2018.02.026
https://doi.org/10.1016/S0278-4319(01)00014-7
https://www.jstor.org/stable/30040613
https://www.jstor.org/stable/30040613
https://doi.org/10.1287/orsc.12.2.99.10114
https://doi.org/10.1287/orsc.12.2.99.10114
https://www.jstor.org/stable/1833044
https://doi.org/10.1016/j.ijhm.2011.07.009
https://doi.org/10.1016/j.ijhm.2011.07.009
https://doi.org/10.1016/j.ijhm.2013.08.002
https://doi.org/10.1016/j.ijhm.2013.08.002
https://doi.org/10.1016/j.jfineco.2013.02.002
https://doi.org/10.1016/j.jfineco.2013.02.002


16	 Journal of Hospitality & Tourism Research 00(0)

Journal of Hospitality Management, 32, 270–277. https://doi.
org/10.1016/j.ijhm.2012.07.004

Tsai, H., &  Gu, Z. (2007). Institutional ownership and firm  
performance: Empirical evidence from U.S.-based pub-
licly traded restaurant firms. Journal of Hospitality & 
Tourism Research, 31(1), 19–38. https://doi.org/10.1177/ 
1096348006296056

Villalonga, B., &  Amit, R. (2009). How are US family firms con-
trolled? The Review of Financial Studies, 22(8), 3047–3091. 
https://doi.org/10.1093/rfs/hhn080

Wang, D. (2006). Founding family ownership and earnings qual-
ity. The Accounting Review, 44, 619–656. https://www.jstor.
org/stable/3542336

Wong, K. K. F., &  Song, H. (2006). Do macroeconomic variables 
contain any useful information for predicting changes in hospi-
tality stock indices? Journal of Hospitality & Tourism Research, 
30(1), 16–33. https://doi.org/10.1177/1096348005284267

Submitted January 18, 2023
Accepted May 17, 2023
Refereed Anonymously

Author Biographies

Cédric Poretti, PhD CFA (email: cedric.poretti@ehl.ch), is an 
associate professor of Accounting at EHL Hospitality Business 
School, Lausanne, Switzerland.

Adam Aoun, PhD (email: adam.aoun@ehl.ch), is an assistant pro-
fessor of Accounting at EHL Hospitality Business School, 
Singapore.

Manisha Singal, PhD (email: msingal@vt.edu), is a professor in 
Hospitality Management at the Howard Feiertag Department of 
Hospitality and Tourism Management, Pamplin College of 
Business, Virginia Tech Blacksburg, VA, US

https://doi.org/10.1016/j.ijhm.2012.07.004
https://doi.org/10.1016/j.ijhm.2012.07.004
https://doi.org/10.1177/1096348006296056
https://doi.org/10.1177/1096348006296056
https://doi.org/10.1093/rfs/hhn080
https://www.jstor.org/stable/3542336
https://www.jstor.org/stable/3542336
https://doi.org/10.1177/1096348005284267

